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Abstract

Changes in the characterization of communicative competence, especially in the context
of large-scale testing, are typically driven by an evolving understanding of real-world com-
munication and advancements in test construct theories. Recent advances in Al technology
have fundamentally altered the way language users communicate and interact, prompting
a reassessment of how communicative competence is defined and how language tests are
constructed.

In response to these significant changes, an Al-mediated interactionalist approach is
proposed to expand communicative competence. This approach advocates for extending
the traditional concept of communicative competence to encompass Al digital literacy
skills and broadened cognitive and linguistic capabilities. These skills enable effective AI
tool usage, as well as the interpretation and application of Al-generated outputs and feed-
back, to improve communication. Embedding these competencies into language assess-
ments ensures alignment with contemporary communication dynamics, enhancing the
relevance of language assessments, and preparing learners for navigating Al-augmented
communication environments.

While high-stakes testing faces considerable challenges in adopting this expanded con-
struct, low-stakes formative assessments, where scores do not influence critical decisions
about individuals and where opportunities exist to rectify errors in score-based actions,
if any, provide a fertile ground for exploring the integration of Al tools into assessments.
In these contexts, educators can explore giving learners access to various Al tools, such as
editing and generative tools, to enhance assessment practices. These explorations can start
to address some of the conceptual challenges involved in applying this expanded construct
definition in high-stakes environments and contribute to resolving practical issues.
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Introduction

From the time technology was perceived as irrelevant to the measurement of language
ability (Taylor et al., 1998) to the current advocacy for integrating generative Al tools
into the language construct, or the skills measured by language tests (Voss et al., 2023;
Xi, 2023), the landscape of language testing has undergone vast transformations in the
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last two decades, driven by recent accelerated technological advancements. Despite
intense debates regarding the nature of language constructs and speculations about
the future of language testing, large-scale, high-stakes testing practices have remained
largely unchanged other than the introduction of integrated tasks starting from the
early 2000s (see later discussion of this).

Language tests are expected to closely mimic and elicit real-world communication.
The recent widespread use of assistive and generative Al tools by language users in
everyday life has prompted new inquiries into the nature of communicative compe-
tence, urging language testers to revisit the concept of communicative competence and
explore how testing practices can be transformed.

In this article, I will examine the driving forces behind the impetus to redefine
communicative competence in relation to the use of AI technology by real-world lan-
guage users. Guided by a conceptual definition, I will discuss how language assessment
tasks might be redesigned to evaluate the broadened constructs. While acknowledging
the significant potential for introducing innovations in low-stakes formative assess-
ments to reflect changes in real-world communication, I will highlight the conceptual
and practical challenges of operationalizing the expanded constructs in large-scale
high-stakes testing. Finally, I will propose a pathway for introducing incremental
innovations in high-stakes contexts.

Factors affecting the definition of language ability for assessment/testing

Language testers address five primary questions: why measure, what to measure, how to
measure it, how to report the measurement results, and how to use the results. The first
question addresses the paramount issue of test purpose and use, that is, why do we need
to use a language test in a particular context? How are the scores going to be used? The
second question, what to measure, pertains to the conceptualization of language ability
and forms the foundation of language testing. The third question addresses the oper-
ationalization of language ability measurement through the design and development
of test items and tasks as well as scoring rules and rubrics. The fourth question con-
cerns the aggregation and reporting of test results and communication of the results to
users, whereas the final one involves the use of test results and the related consequences,
whether intended or unintended.

The construct being measured has always been central to language testing. The def-
inition of language ability or communicative competence influences how language
is learned, taught, and assessed. Over the past few decades, large-scale testing, most
notably English language proficiency testing, has played a significant role in shaping
local classroom practices including learning and instructional methods and emphases.
Its influence is evidenced by extensive washback research, which demonstrates how
high-stakes tests such as the Test of English as a Foreign Language (TOEFL), the
International English Language Test System (IELTS), the College English Test Band 4
and Band 6 in China, and the Center Test in Japan have driven changes in local learn-
ing, teaching, and assessment practices (Alderson & Hamp-Lyons, 1996; Green, 2003;
Jin, 2000; Read & Hayes, 2003; Saville & Hawkey, 2004; Wall & Horak, 2006; Watanabe,
1996).
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In principle, what is assessed in language tests should be driven by the nature
and characteristics of real-world language communication. However, the connection
between language constructs and real-world communication may not be as direct as
initially assumed (Leung, 2022; Xi et al,, 2021). It must first be articulated through
test theories, which aim to define how language ability should be conceptualized for
the purpose of designing language tests. These theories, examined in the next section,
provide guidance to practitioners in developing language tests and form the basis of
standards and frameworks upon which language tests can be designed.

Moreover, the design of any test, particularly large-scale tests, is subject to practical
constraints. These constraints, which include test delivery, administration, psychomet-
rics, development, and scoring, significantly impact test practices. The operational-
ization of language ability in test design is always influenced by these constraints,
necessitating a reduction in operational complexity to a manageable level and con-
tainment of costs to an acceptable level, while prioritizing the value provided to test
users. Consequently, mimicking real-world communication in test design, especially
in large-scale testing, is often challenging due to cost, practicality, lack of technological
resources, and other concerns. What eventually gets operationalized is influenced by
the specific test construct theory employed and is subsequently simplified, reduced, or
modified to accommodate various practical constraints.

Conceptual approaches to defining language ability

In this section, four major conceptual approaches to defining language ability are
reviewed to provide theoretical grounding for construct definitions: task-based, trait-
based, interactionalist, and psycholinguistic approaches. The term, language ability, is
used here because only two of the approaches are explicitly rooted in the concept of
communicative competence. While abilities to communicate in the real world are the
ultimate focus of inferences about language ability drawn from performance on lan-
guage tests, these approaches concentrate on how to characterize underlying language
abilities that support such real-world communication.

The task-based approach

Initiated as an approach to encourage teaching of authentic language use (task-based
language teaching), the task-based approach conceptualizes the construct of lan-
guage as the performance on specific tasks (Ellis, 2003; Long, 2015; Skehan, 1998).
Norris (2016, p. 232) defines task-based language assessment as “the elicitation and
evaluation of language use (across all modalities) for expressing and interpreting
meaning, within a well-defined communicative context (and audience), for a clear pur-
pose, toward a valued goal or outcome.” This definition highlights the importance of
assessing language skills in a specific context and for a particular audience, ensuring
that the communication serves a clear purpose and contributes toward a meaningful
outcome.

The task-based approach emphasizes the incorporation of genuine communicative
tasks into classroom instruction. In test design, the focus is on employing tasks that
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replicate real-world language activities, with the objective of aligning the characteris-
tics of test tasks with those encountered in authentic scenarios. However, due to various
practical constraints such as test length, cost, and the complexity of operations, it is
often impractical to encompass all essential tasks within the domain and to fully repli-
cate real-world language activities in the design of large-scale tests. As a result, the
ability to make inferences about learners’ capability to handle real-world communi-
cation demands based on task performance would be compromised (Bachman, 2007).
Relying solely on the task-based approach thus poses challenges in establishing a robust
conceptual link between test task performance and real-world language proficiency.

The trait-based approach

The trait-based approach centers on the trait (i.e., the language knowledge components,
such as grammatical or vocabulary knowledge) as the primary focus, which accounts
for performance in the language use domain (Carroll, 1961; Lado, 1961). In test design,
the priority is to measure the trait that accounts for consistency in performance across a
variety of tasks, with the trait serving as the link between test performance and domain
performance.

The trait-based approach endeavors to define the underlying language knowl-
edge, skills, and abilities that account for a learner’s performance on both test and
real-world tasks, thus elevating language competence to an abstract level. However,
the assumption that language ability remains consistent across various contexts has
been challenged both theoretically and practically. Advocates of the interactionalist
approach, including Chapelle (1998), Chalhoub-Deville (2003), and Xi et al. (2021),
dispute the notion of uniform language ability, asserting that language competencies
may vary depending on the context of use. The existence of tests for specific pur-
poses, such as TOEFL, IELTS, the Occupational English Test, and the Cambridge
English Qualifications Business (BEC), designed for academic and workforce contexts,
underscores the understanding that language ability is context-dependent.

Individual variations in language competencies across different contexts are pri-
marily influenced by prior exposure, learning priorities, or a combination of both.
Exposure to varied linguistic environments and differing learning priorities uniquely
shape an individual’s communicative competences. This highlights the need for a more
dynamic and context-sensitive approach to understanding language competence. A
static, trait-based approach, focusing on inherent language traits, may not adequately
account for these variations in diverse language use contexts and not fully capture the
richness and fluidity of language use across different contexts.

The interactionalist approach

The interactionalist approach acknowledges the significant role that context plays in
the construct of language ability. It posits that certain components of language traits,
such as vocabulary and discourse competence, are more susceptible to contextual vari-
ations. In contrast, elements like pronunciation may exhibit greater stability (Xi, 2015;
Xi et al., 2021). Rather than explaining performance irrespective of context, the con-
struct accounts for consistency in performance across a range of similar contexts.
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Consequently, inferences about test takers’ abilities should be confined to a set of
specific contexts.

Recent theoretical frameworks have aligned with the interactional perspective,
though they differ somewhat regarding the role of context in defining constructs
(Chalhoub-Deville, 2003; Chapelle, 1998; Xi et al., 2021). These approaches vary in
how they characterize the interaction between language use contexts and the linguis-
tic resources that individuals bring to communicative situations, as well as how these
characterizations influence interpretations of language ability.

Chapelle’s (1998) interactionalist approach, labeled as minimalist interactionalist
by Bachman (2007), primarily caters to the interests of language testers. Rooted in the
perspective that language tests aim to provide stable inferences about individuals’ lan-
guage ability, Chapelle explains that the interpretation of language ability hinges on the
consistency of performance across contexts. She highlights the significance of strategic
competence or metacognitive strategies (Bachman, 1990; Bachman & Palmer, 1996) in
managing the application of linguistic knowledge and skills within specific language
use contexts.

Chalhoub-Deville (2003), drawing on the interactionalist literature in second lan-
guage learning (Young, 2008), conceptualizes the construct as “ability-in-individual-
in-context” (p. 372). She argues that the abilities activated in a specific text both influ-
ence and are influenced by that context. This perspective extends beyond Chapelle’s
(1998) approach by recognizing the reciprocal and dynamic nature of context and abil-
ity, which can change from moment to moment. This conceptualization offers a richer
and more intricate representation of the complex interactions between context and
ability, particularly relevant to second language learning researchers. However, in oper-
ationalizing this perspective for test design, particularly for large-scale tests, it may be
very challenging to adequately capture the nuances of this approach.

Xi(2015) and Xi etal. (2021) further develop this interactionalist approach by intro-
ducing a framework designed to characterize contexts of language use for language
test design, which are defined in layers such as sub-domains, medium of communica-
tion, the communicative setting, etc. She argues that in designing language tests, it is
not realistic to represent all these layers due to practicality concerns. Instead, she rec-
ommends prioritizing the layers that are believed to most significantly influence the
demonstration of language abilities in a specific domain. Additionally, she identifies
components of language competence that are most affected by contextual variations,
providing practical guidance for implementing this approach in test design.

This interactionalist approach considers the interaction between specific traits, con-
textual factors, and the dynamic nature of language use, allowing for a more nuanced
assessment of language skills. This perspective aligns with current trends in language
assessment, which emphasize the importance of assessing real-world communication
skills in a target domain. By integrating context-sensitive elements into language con-
structs, we can better evaluate an individual’s ability to navigate specific communicative
situations, thus offering a more relevant measure of language competence. Despite their
differences, the three approaches reviewed above share the fundamental premise that
test constructs must account for performance consistency across a range of similar
contexts and that the interpretation of language ability is dependent on the contexts of
use.
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The psycholinguistic approach

The psycholinguistic approach to defining language ability emphasizes processing
competence (Van Moere, 2012), which has also been narrowly defined as automaticity
in language processing (Figueiredo, 2021; Hulstijn, 2011). Van Moere (2012) expands
this definition to include fluency, accuracy, and complexity - three key indicators of
language quality that have been extensively researched in second language acquisition
and learning (Skehan, 1998).

Researchers in this field argue that in addition to higher-order skills such as inter-
actional competence, pragmatic competence, organization, and coherence, psycholin-
guistic constructs, such as fluency or automaticity of speech production, lexical access,
phonology, and syntactic production, are strong predictors of language ability and
should, therefore, be assessed in language tests. This approach highlights the processing
components of language ability and emphasizes the importance of psycholinguis-
tic constructs, which are particularly useful for guiding assessment practitioners in
designing diagnostic assessments to identify the underlying skills that contribute to
deficiencies in higher-order competencies.

However, applying this approach to construct definition in the context of large-scale,
high-stakes testing, where eflicient test item types are predominantly used without
adequately representing communicative tasks, could significantly underrepresent the
construct of interest and have potential negative impact on teaching and learning.

Expanding language constructs in relation to Al technology use

When significant breakthroughs occur in the characterization of real-world commu-
nicative competence, due to changes in real-world communication and/or advance-
ments in construct theories, it becomes imperative to reconsider how we define
communicative competence for assessment.

Over the past 2 years, generative Al technology has significantly changed the way
language users leverage Al tools to enhance communication skills, prompting a re-
evaluation of the concept of communicative competence. Generative Al refers to
systems with the capability to generate extended, human-like text, images, and/or other
forms of media using generative models trained on massive amounts of data (Sengar
et al., 2024). Prior to the emergence of ChatGPT in late 2022, in the field of language
learning, the range of tools accessible to learners was confined to those supporting
feedback on primarily linguistic conventions, particularly grammar and vocabulary,
such as Grammarly, Criterion, and Write & Improve. With generative Al tools like
ChatGPT, however, users can now generate extended writing or speech tailored to their
specific communication needs. Additionally, it offers instant and comprehensive feed-
back on vocabulary, grammar, content, organization, coherence, audience awareness,
etc. This transformative shift highlights the expanding role of digital Al capabilities in
facilitating real-world communication.

Historical perspectives on the role of technology in language constructs

This section examines the impact of technology on the way language ability is defined
and measured. Historically, the content and format of large-scale language tests have
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closely mirrored advancements in language learning and teaching methodologies.
From the 1950s to the 1980s, various teaching methods, such as the grammar-
translation method, the direct method, and the audio-lingual method, were prominent.
Until 1979, TOEFL assessed reading, listening, structure, and written expressions. With
the rise of communicative language teaching (CLT) in the late 1970s and 1980s, which
has continued to gain traction, the Test of Spoken English was introduced in 1979
as part of the TOEFL portfolio, followed by the Test of Written English in 1986. The
English Language Testing Service, later rebranded as the IELTS, debuted in 1989 as a
language test for admissions that includes all four skills of reading, listening, speak-
ing, and writing. In 2005, the TOEFL internet-based test was completely redesigned to
include authentic language use tasks that assess all four skills and the ability to use mul-
tiple language skills for communication. This redesign drew on the task-based teaching
approach, a method within the broader framework of CLT that has gained popularity
since the 1990s.

The introduction of integrated tasks that engage multiple modalities marked a sig-
nificant innovation in large-scale testing in the early 2000s. This approach has been
incorporated into large-scale tests such as the TOEFL Internet-Based Test (TOEFL
iBT), the Pearson Test of English (PTE), and the Hong Kong Diploma of Secondary
Education (HKDSE) English Language test. The HKDSE English Language test, for
instance, includes three integrated listening and writing tasks alongside two stand-
alone writing tasks. Additionally, the HKDSE employs a group discussion task for
the speaking section, which simulates common real-world communicative activities.
Furthermore, the concept of English as a lingua franca has increasingly influenced
the design of large-scale testing. This began with the IELTS listening test incorpo-
rating multiple first language English varieties, followed by the TOEFL iBT adding
the British and Australian accents into the listening section, and more recently, PTE
Academic test including both first and second language varieties of English in its
listening section. These developments, along with the use of integrated tasks, have
been driven by language testers’ focus on real-world academic language use, where
multiple modalities — reading, listening, speaking, and writing — are used simultane-
ously, and second-language users frequently interact with speakers of diverse English
varieties.

However, the influence of technology, aside from its use in facilitating test deliv-
ery (e.g., TOEFL iBT, PTE Academic, and the Duolingo English Test), has not been
evident in the design of test tasks in large-scale testing. On the contrary, 25 years ago,
technology was clearly treated as a source of construct-irrelevant variance. In the 1990s
and 2000s, numerous studies, including those for TOEFL (Taylor et al., 1999) and
IELTS (Chan et al.,, 2017; Green & Maycock, 2004), investigated the impact of com-
puter familiarity on test performance and sought to establish validity evidence that the
measurement of language ability was not “contaminated” by test takers’ computer profi-
ciency. This strong proposition persisted as the mainstream view and remained largely
unchallenged until the significant emergence of generative Al applications in late 2022.
Researchers have since begun to query the implications for the definition of commu-
nicative competence given remarkable changes in the ways learners communicate and
interact via written or spoken means. Suddenly, the boundaries of this long-standing
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comfort zone for language testers, which had confined their work for decades, began
to shift or expand to adapt to this drastic change in real-world communication.

Today, editing and generative Al tools are being considered for integration
into the construct of communicative competence by providing learners with,
initially, guided and monitored access to these tools during assessments (Voss
et al, 2023; Xi, 2023). The conceptions of language tests have shifted beyond
imagination within just around 25 years due to accelerated AI technology
breakthroughs.

Despite the significant advancements in integrating Al tools into local language
assessments, large-scale tests have yet to reflect the growing influence of Al technology
on real-world communication. For instance, spelling and grammar checkers are rou-
tinely used in everyday writing, and now generative Al tools are increasingly utilized
to enhance real-world writing outputs. However, even today, none of the large-scale
tests allow the use of assistive editing tools by test takers when taking a writing test,
not to mention generative Al tools.

Applications of technology in the assessment process

To explore the integration of Al technology into language constructs, it is crucial to dif-
ferentiate between technology as a medium or aid for real-life communication and as a
tool for test delivery or creating interactive test tasks. Historically, these roles may have
often been conflated when discussing the role of technology in language constructs.
Developments in the former, such as the use of Zoom for online communication,
spelling and grammar checkers, online dictionaries, generative Al tools, and real-time
translation tools, compel a reevaluation of the construct of language communication,
as their use fundamentally challenges our conventional definition of communicative
competence.

Conversely, when technology is used to enhance test delivery, such as in deliver-
ing computer-delivered monologic speaking tests, the primary goal is to standardize
and scale the assessment of speaking skills efficiently, rather than replicating real-world
communication such as in Zoom-based communication. In communication delivered
by Zoom or other video conferencing technology, aspects of interactional competence,
such as turn-taking, may be affected by the absence of visual cues signaling an inten-
tion to maintain, yield, or take the floor. Thus, Zoom-based speaking tests attempt to
mimic one type of real-world communication scenarios, if the construct is defined as
the ability to handle online interactions.

Like the use of technology to deliver monologic speaking tests, when chatbot tech-
nology is employed to create interactive speaking or writing tasks, the aim is to simulate
real-world communication by replacing the human interlocutor with a chatbot, thus
enabling the scaling of interactive assessments that would otherwise be costly and
time-consuming to operationalize.

Despite these technological enhancements, the fundamental nature of the real-
world language ability, which language tests purport to measure, remains unchanged,
thus not impacting the construct definition. This distinction is crucial as we consider
the precise role technology plays in defining language test constructs.
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The role of technology in construct definition

Expanding on Xi et al. (2024), four approaches to addressing the role of technology in
defining language test constructs are described: outright rejection, forced acceptance,
cautious acceptance, and progressive embracing. The first approach, outright rejection,
views technology as a potential source of construct irrelevance. For example, within
this approach, using a paper-and-pencil format to test writing skills is based on the
belief that writing conventions such as spelling and handwriting are core components
of writing ability, while keyboarding skills are not pertinent to the measurement of
writing.

The second approach, forced acceptance, acknowledges the role of technology to
a limited extent by implicitly incorporating basic computer literacy skills (e.g., read-
ing on a computer screen and the use of keyboarding skills) into the constructs. This
approach is primarily motivated by the need to use computer-based delivery to scale up
testing and is commonly adopted in large-scale testing, although test designers remain
concerned about the potential impact of technology skills on test performance.

The third approach, cautious acceptance, may allow controlled use of assistive tools
by test takers, such as spell checkers, grammar checkers, and online dictionaries.
However, this approach has not yet been implemented in large-scale testing, except
that online glossaries for pre-selected words may be made available, for example, in
the Progress in International Reading Literacy Study (PIRLS) assessment.

The final approach, progressive embracing, takes the most advanced stance by defin-
ing the constructs as communication skills fully integrated with computer and digital
information literacy skills. This includes the ability to effectively use a full set of edit-
ing and generative Al tools to accomplish communication tasks, as well as the ability to
use digital technologies to search for, identify, evaluate, organize, refine, and synthesize
information to fulfil a task.

Expanded constructs in relation to Al technology

Building on the fourth approach discussed earlier, it appears that, despite advocacy
from researchers, its practical application in large-scale testing contexts still seems
far-fetched. While learners are increasingly using generative Al in their daily commu-
nication, these tools are often initially labeled as potential cheating aids in assessments.
However, a more nuanced perspective suggests that integrating these tools into assess-
ments in contexts where they are used to enhance communication could reflect more
accurately their growing prevalence in everyday communication.

Language tests aim to closely replicate real-world communication. The widespread
adoption of assistive and generative AI tools in everyday communication has
stimulated fresh investigations about how communicative competence should be
defined and prompted language testers to reconsider the nature of language com-
petence and how testing practices can be transformed. The growing use of assistive
and generative Al tools in real-life communication has sparked debates and research
inquiries into the nature of communicative competence, as highlighted in the spe-
cial issue of “Advancing language assessment with AI and ML’ recently published in
Language Assessment Quarterly (Voss et al., 2023; Xi, 2023).
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Figure 1. Al-mediated interactionalist approach.
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Figure 2. The multidimensional construct of Al-mediated communicative competence.

Earlier the interactionalist approach to construct definition was discussed, which
emphasizes the interplay between traits and context. Integrating AI technology into
this framework broadens the definition of communicative competence to include pro-
ficiency in utilizing Al tools and interpreting and utilizing Al-generated outputs and
feedback to enhance communication (Figure 1). Given AT’s capability to generate
sophisticated content and provide comprehensive feedback, this expanded definition
includes not only the effective use of Al tools to produce intended outputs but also,
more critically, the ability to analyze, compare, evaluate, and modify these outputs to
improve communication.

To further elucidate the capability to use Al technology to enhance communication,
it is essential to recognize that this capability encompasses both Al literacy skills and
broadened linguistic and cognitive skills (Figure 2). AI literacy skills involve under-
standing how Al tools work, prompting Al tools to obtain desired outputs, and refining
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those outputs through re-prompting. These skills require cognitive processes to for-
mulate clear and appropriate commands, evaluate initial AI outputs, identify areas
that do not meet expectations, and determine whether further prompting is neces-
sary. Additionally, Al literacy skills include navigating Al tool environments with an
adequate understanding of potential ethical issues, being aware of the implications of
using Al, ensuring data privacy, and understanding the biases that may exist in Al
algorithms.

Broadened linguistic and cognitive skills are also required to interpret and refine AI-
generated outputs. These skills, depending on how Al tools are being used, may involve,
for example, analyzing Al-generated content, comparing it to the intended message,
and making necessary adjustments to ensure clarity, coherence, and appropriateness of
the message. In other words, effective use of Al tools in communication may entail the
ability to critically evaluate the quality of Al outputs, and then adapt and incorporate
them meaningfully into one’s own work.

While some might argue that AT literacy skills should not be conflated with lin-
guistic skills, the widespread use of Al tools by language users today suggests that
the traditional notion of communicative language ability may no longer be entirely
adequate. As the use of Al tools becomes an integral part of daily communication,
proficiency in utilizing these tools and understanding and using their outputs is cru-
cial for a comprehensive re-definition of communicative competence. This expanded
definition provides guidance for reformulating language tests to measure these skills
alongside conventional ones and to support the intended use of the tests.

Take language tests used for higher education admissions as an example. Nowadays,
university students have access to editing and generative tools to refine or even gen-
erate a substantial basis for their language outputs, such as class presentations and
course papers. Admittedly, higher education institutions across the globe may have
varying policies regarding the use of generative Al tools by students in writing their
course papers for content courses. While Al tools for stylistic and content editing to
enhance clarity and coherence are generally permitted, plagiarized ideas and content
are strictly prohibited. Consequently, continuing to focus tests solely on conventional
communication skills would not help to select those students most likely to succeed
in coping with real-world communication demands at a university. Instead, next-
generation language tests should evaluate how well students can use these Al tools
to enhance their language production, reflect on and refine AI-generated content, and
effectively communicate in diverse academic contexts.

Example scenarios of using Al tools and corresponding changes in constructs

AT tools can be used in many ways to enhance communication, each leading to some-
what different changes to the constructs. One possible scenario involving the use
of Al is having learners draft an initial version of their essay, submit it, and then
utilize generative tools to enhance language, content, and audience awareness (see
Scenario 1). After this, learners would assess and compare the original draft with the
Al revision, make further refinements, and finally submit the completed composition.
This is similar to a setup in a dynamic assessment (Poehner & Lantolf, 2013, 2021),
where learners’ original outputs as well as updated ones with the help of Al tools are
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collected for the assessor to not only examine the differences but also evaluate how
each learner is able to reflect on and evaluate AI's revisions to ultimately improve their
writing.

Another scenario involves using Al to generate multiple outputs on the same topic
tailored for various audiences. For example, learners might use Al to generate a letter
to the principal arguing against mandatory school uniforms and another article on the
same topic for the school newspaper. Learners would then compare the two pieces,
identifying differences in language use, rhetorical devices, and tone and voice appro-
priate for each target audience. Then, they would ask AI to analyze the differences and
identify potential improvements in the two Al-generated outputs. Following this, they
would compose a short post presenting their stance on an online student discussion
forum. This exercise would help learners compare differences in wording, formatting,
structure, content emphasis, and tone and voice.

Scenario 1:

(a) Ask user to write for a purpose and an audience and submit their original
writing

(b) Ask AI to generate feedback on language, content, and audience awareness

(c) Revise and resubmit the writing

Scenario 2:

(a) Ask Al to generate writing outputs targeting two audiences

(b) Ask user to compare the two outputs

(c) Elicit AI feedback on the differences

(d) Ask the user to evaluate Al generated outputs and analysis of feedback on the
differences and identify potential areas of improvements in the two outputs

(e) Ask the user to adapt the writing for a different audience

The additional language communication skills required in Scenario 1 extend beyond
creating original writing to achieve a communication goal. When working with AI-
generated revision or feedback on users’ original writing, these skills include the ability
to compare, analyze, and interpret AI-generated outputs, assess whether these outputs
represent improvements or deviations from the writer’s original message, and deter-
mine whether they enhance or deteriorate the quality of the outputs. This involves
making informed decisions about accepting, rejecting, or further revising the outputs.
When comparing two pieces of Al-generated writing in Scenario 2, cognitive functions
involved include analyzing, evaluating and comparing linguistic and other characteris-
tics to facilitate task completion. Comparing the writing to two audiences can increase
awareness of the differences in relation to varying purposes and audiences and provide
a model for adapting it for a different audience.

The previously discussed application scenarios indeed warrant a multidimensional
conception of writing ability. This encompasses traditional aspects of writing profi-
ciency, such as adherence to writing conventions, structural coherence, the quality of
arguments, and the ability to adapt the content, style, voice, and tone of writing for dif-
ferent audiences. Moreover, it includes a new dimension, such as the ability to identify,
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evaluate, and compare different pieces of writing, and to analyze differences in writing
quality. This process involves analytical and evaluative skills as well as editing skills.

Furthermore, a third dimension is introduced, which entails the ability to edit lan-
guage and content created by Al tools, in order to complete the writing task. This
comprehensive approach ensures a holistic assessment of writing abilities, integrating
both traditional and expanded skills as a result of using Al tools in the process of their
language production.

These scenarios illustrate how Al can be integrated into language assessments to
reflect demands of contemporary communication, fostering and measuring audience-
specific communication. Such language test tasks also prepare students for real-world
communication, where the ability to tailor messages to various audiences and refine
content using Al tools is increasingly valued.

A nuanced framework for integrating the use of Al tools into assessments

In discussing the use of editing and generative tools by test takers, it is essen-
tial to adopt a nuanced and granular framework due to the numerous factors that
need consideration. These factors include the choice between editing and genera-
tive tools, the stakes of the test (high-stakes versus low-stakes), and the proficiency
level of the target test takers (beginners, intermediate, or advanced). Taking these fac-
tors into account allows us to rethink the proficiency levels of the students, design
new types of assessments and criteria, and reconsider the interpretation and use of
scores.

Recent investigations in the field of second/foreign language research indicate
that low-level students may struggle with the sophisticated language generated by
Al finding it challenging to make meaningful and productive use of AI tools to
enhance their own writing (Woo et al.,, 2025). This realization calls for differentiated
approaches to assessments targeting different proficiency levels, as communicative
competence is redefined and assessment practices are transformed. The construct
mediated by Al technology becomes fluid when applied to assessments designed for
varying proficiency levels.

In Table 1, I have proposed whether candidates should be provided with editing
or generative tools, depending on the test purpose and target level of the test (Xi,
2023). For assessments aimed at low-proficiency test takers, the integration of gen-
erative Al tools may be overwhelming. For beginners in a low-stakes assessment, it is
advisable to provide editing rather than generative tools. This is because assessments
of beginner-level writing often emphasize conventions of writing, such as capitaliza-
tion, punctuation, and grammar, which cannot be effectively assessed if test takers are
allowed to use generative tools. While the evaluation may well include overall com-
municative effectiveness such as task completion depending on the purpose of the
assessment, a heavy focus is placed on these conventions. Therefore, limited use of edit-
ing or polishing tools, captured and monitored during the assessment process, can be
considered to expand the construct. Correspondingly, the instructional focus should
prioritize developing foundational skills, particularly the conventions of language pro-
duction, to better prepare learners for tasks involving more sophisticated use of both
editing and generative tools.
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Table 1. Access to Al tools by test takers in combinations of target level and test stakes (adapted from Xi,

2023)
Access to Access to
Test stakes Target level editing tools generative tools Notes
Low stakes Low Yes No Focus on assessment of
conventions
Intermediate Yes Yes With/without assistance for
dynamic assessment
Advanced Yes Yes
High stakes  Low No No Focus on assessment of
conventions
Intermediate Yes No Redefine constructs
Revamp rubrics
Reformulate interpretation
& use
Advanced Yes Yes

For tests targeting intermediate-level test takers, who possess the basic skills to use
generative tools and work with well-edited AI-generated outputs tailored to their levels,
the emphasis could shift to nurturing their ability to use generative tools effectively and
process Al outputs that match their proficiency levels.

Conversely, for tests designed for upper intermediate and advanced test takers,
full integration of generative tools into the test construct can be considered. The
instructional emphasis should be on enhancing their ability to use generative tools
effectively and perform additional tasks based on Al-generated outputs to meet specific
communication needs.

In all these designs that allow access to editing and/or generative tools, a
dynamic assessment approach can be employed. This approach involves students
initially writing without any tools and then revising with tools. By comparing
the writing samples, we can gain insights into students’ current proficiency levels
and their potential for future development. This method provides a comprehen-
sive evaluation of their ability to utilize AI tools and their overall communicative
competence.

Such a dynamic approach not only helps in assessing the students’ current language
skills but also prepares them for real-world scenarios where they will likely use AI tools
to enhance their communication. By integrating these tools into the assessment pro-
cess, we can provide a more relevant measure of their true communicative competence
and better equip them for future communication demands.

Barriers to the conceptualization and operationalization of the expanded
construct and a path forward

Despite conceptual advances in redefining communicative competence in today’s
digital era (Voss et al., 2023; Xi, 2023), the integration of such advancements into
large-scale testing, especially tests that target learners with diverse backgrounds around
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the world, will remain a prolonged process. Several barriers impede the conceptu-
alization and operationalization of approaches that incorporate Al technology into
communicative competence, including the previously discussed Cautious Acceptance
and Progressive Embracing approaches.

Conceptually, longstanding views on language constructs are deeply entrenched.
Traditional conventions, such as writing norms, remain integral to writing curricula
globally and are central to writing assessments designed for learners at varying levels
of writing proficiency. For example, the Score Level 3 (on a 0-5-point scale) descriptor
of the TOEFL iBT Independent Writing Task Rubric includes “some noticeable lexical
and grammatical errors in sentence structure, word form, or use of idiomatic lan-
guage” (Educational Testing Service, n.d.). Similarly, the Band 6 descriptor of the essay
writing task of the IELTS test evaluates both lexical resource and grammatical range
and accuracy, noting that “There are some errors in spelling and/or word formation,
but these do not impede communication” and “Errors in grammar and punctuation
occur, but rarely impede communication” (British Council, May 2023). These scoring
rubrics highlight that skills related to writing conventions are fundamental to writing
proficiency. The use of assistive tools such as grammar and spell checkers is often per-
ceived by mainstream language testers as potentially compromising or complicating
the assessment of language skills. Generative tools, such as ChatGPT, are frequently
viewed as cheating aids, especially in tests that have consequences, such as those that
influence course grades or admissions. In writing composition classes focused on
developing writing skills, allowing students to use generative Al tools in an unproc-
tored or unmonitored environment is controversial (Perkins, 2023). As a result, such
tools are prohibited in many classroom assignments and assessments and are entirely
off-limits in large-scale tests to ensure that test-takers’ work genuinely reflects their
individual knowledge, skills, and abilities.

Moreover, disparities in access to technology and unequal opportunities to practice
with Al tools raise significant fairness concerns. Learners from underprivileged back-
grounds often lack access to advanced technology, limiting their ability to familiarize
themselves with AT tools that facilitate communication. This digital divide can exacer-
bate existing educational inequalities, widening the gap between underprivileged and
privileged learners, as those with better access to technology can leverage these tools
to enhance their learning, and consequently, their assessment performance. These dis-
parities pose major challenges to innovation in large-scale testing. Performance on
assessments may be impacted by unequal opportunities to learn and might reflect test
takers’ limited ability to use Al tools effectively to enhance their communication, rather
than their independent language abilities, when their original language outputs are not
elicited and captured in an assessment.

In practice, the current competitive landscape of international English language
testing, which has been most dominant and influential in the L2 testing field, fuels
a race to create the most user-friendly tests to attract test takers (Educational Testing
Service, January 2024; Pearson, n.d.). Integrating AI as facilitative tools for test-takers
in testing requires substantial investment to customize Al technology for language tests
and requires a comprehensive research program to adequately support the validity,
fairness, and ethical use of the technology, which currently may not be a priority for
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large-scale English testing programs. While AI can enhance the efficiency and poten-
tially the quality of test development, administration, scoring, and feedback provision,
helping test providers manage costs, streamline operations, and position themselves
as innovators in Al technology, the extensive research and development necessary
for the comprehensive integration of Al tools into the test-taking experience requires
significant increases in development and operational budgets. Additionally, it intro-
duces complications in test design, scoring, score interpretation, and use as well as
controversies and challenges regarding the potential validity and fairness of a test,
which leads to it being deprioritized in current large-scale English language testing
practices.

Currently, there is no established precedent for allowing students to use editing tools
in large-scale language tests. Our existing writing assessments place excessive emphasis
on writing norms and conventions. Automated scoring tools, which often rely on the
high correlation between lower-order and higher-order skills, achieve high accuracy
in predicting human scores by focusing on features associated with lower-order skills
such as length, grammar, and vocabulary (Chen et al., 2018) and surface-level features
as proxies for higher-order skills such as organization and development (Chen et al.,
2016). However, automated scoring engines for tests that permit test takers to use Al
tools would need to assess expanded Al literacy, linguistic, and cognitive skills, present-
ing significant challenges. The prevalent design of writing assessments, combined with
the current state of automated scoring tools, has perpetuated the tendency to maintain
the status quo in language testing.

Providing learners and test-takers with access to Al tools represents a significant
leap of faith for many language educators and testers. The rapid advancement of Al
technology has outpaced the evolution of language constructs and testing practices,
creating discomfort and uncertainty among some educators. This rapid pace of tech-
nological development has led to a gap between the potential of Al tools and their
integration into language assessment frameworks. A recent survey found that 36% of
L2 teachers were not aware of any institutional policies for responsible and ethical use
of Al as well as appropriate safeguards (Galaczi & Luckin, 2024). Without the guidance
of established test theories and guidelines specifically addressing the use of Al class-
room assessment designers may have to rely on their professional judgment to navigate
this uncharted territory.

Amid ongoing debates about the use of Al tools by test takers in assessments, some
more forward-looking perspectives have emerged. Oppenheimer (2023) suggests that
rather than focusing on concerns about student cheating with AI tools, we should
address the issue by restructuring assessments and classes so that using these tools is
not deemed dishonest. He also emphasizes that since generative Al tools are increas-
ingly integrated into students’ daily lives and professional environments, assessments
should be designed to evaluate how individuals solve problems utilizing tools like
ChatGPT (Oppenheimer, 2023).

In a similar vein, in the language learning and assessment field, Galaczi and
Luckin (2024) argue that generative Al enables a shift from the conventional “learn,
pause, test” model to a more integrated approach where learning and assessment are
interconnected, leveraging the unique affordances of generative AI and rooted in a
communicative language methodology.
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Navigating the current landscape of language assessments requires a high degree
of adaptability and innovation from educators and language testers. Classroom teach-
ers, in particular, have demonstrated considerable flexibility in incorporating AT tools
into their assessments. They actively engage with these tools to enhance the learn-
ing and assessment process while attempting to navigate the many ambiguities and
challenges associated with their use. These challenges include determining the appro-
priate, responsible, and ethical use of Al tools, ensuring that their integration does not
compromise the integrity of the assessment, and maintaining fairness and validity in
assessment.

The integration of Al tools in classroom assessments has the potential to revolution-
ize the way language skills are taught and evaluated. By leveraging Al, educators can
create more dynamic and interactive assessment tasks, leading to a more contemporary
approach to assessment.

However, the path to fully integrating Al into language assessments is anticipated
to be fraught with challenges. As argued earlier, a key challenge is that disparities in
learners’ digital access and Al literacy levels introduce significant concerns regarding
test validity and fairness, particularly in high-stakes, large-scale testing. Addressing
these disparities requires deliberate efforts in educational policy and testing reform as
well as changes in testing practices. Efforts may include:

o developing guidelines and best practices for integrating generative Al tools into
assessments

« introducing initial innovations to large-scale testing in local contexts involving
homogeneous populations

« standardizing, monitoring and logging the use of Al tools in large-scale testing

 promoting more equitable access to Al technology and Al literacy around the
world.

First, the absence of comprehensive guidelines and established best practices means
that educators must navigate this complex landscape on their own initially. This can
lead to inconsistencies in how Al tools are used in assessments and how communica-
tive competence is assessed, potentially affecting the validity, reliability, and fairness of
assessments. Additionally, the ethical implications of using AI in educational settings
must be carefully considered, particularly in terms of data privacy, the potential for
bias in Al algorithms, and the impact on student engagement during assessment.

So far, several testing associations and test providers have published guide-
lines for responsible and ethical use of Al in testing (e.g. Association of Test
Publishers, 2022; Burstein, 2023; Educational Testing Service, n.d.b; Galaczi &
Luckin, 2024; Xu et al., 2024). However, none of these standards and guidelines
are geared toward classroom assessment, providing limited guidance to classroom
teachers on how to use Al in classroom assessments. Additionally, they do not address
the need to rethink the concept of communicative competence or other skills due to
the use of Al tools by test takers, with the exception of Galaczi and Luckin (2024), who
raise the need for designing language assessments that incorporate the use of genera-
tive Al tools. Thus, no practical guidance is provided to teachers about what tools to

https://doi.org/10.1017/50267190525000078 Published online by Cambridge University Press


https://doi.org/10.1017/S0267190525000078

Annual Review of Applied Linguistics 217

use in assessments based on the purpose of assessment, and how the use of tools by
test takers can be integrated into assessment task design.

While the integration of Al tools into language assessments holds great promise,
it requires careful consideration and a balanced approach. Educators and testers must
work together to develop new frameworks and guidelines that address the unique chal-
lenges and opportunities presented by Al technology. By doing so, they can ensure that
AT tools enhance rather than undermine the assessment process, providing learners
with more meaningful experiences that prepare them for the demands of the digital age.
This is one of the first areas where language testing theorists need to collaborate closely
with teachers and practitioners to provide guidelines and best practices for incorporat-
ing generative Al tools into assessments. These guidelines and best practices, initially
geared toward classroom assessment, can then be updated for high-stakes, large-scale
testing as the test purposes, practicality considerations, and consequences are different.

Reforms to our large-scale language testing practices must continue due to their
catalytic and systemic impact on local teaching and learning practices. The impe-
tus for these reforms will stem from a combination of advances in test theories and
transformations in classroom assessment practices. Theoretical advancements will
offer increasing clarity and guidance on the conceptual challenges discussed above.
Simultaneously, evolving classroom assessment practices will exert pressure on large-
scale testing, promoting eventual changes. One possible pathway is to tackle this
challenge initially within local large-scale testing where the technological infrastruc-
ture is more advanced, and the learner population is relatively homogeneous. Such
testing environments, including, for example, tests for admissions or workforce qualifi-
cations, in regions where learners more frequently utilize Al tools, can begin to reform
testing practices relatively quickly. In contrast, global language tests, taken by learn-
ers with varying levels of access to and familiarity with generative Al tools, are likely
to take much longer to adapt. However, this evolution is not improbable — much like
how computer-based language testing has now become standard in large-scale global
English assessments, even though paper-based testing was dominant just two decades
ago.

A third area to address is to tackle some of the operational challenges associated
with the diverse use of generative Al tools by test takers and the inferences we can make
about their independent and aided ability. As discussed earlier, a dynamic assessment
design can allow evaluators to see both learners’ original writing and revised writing
based on Al generated feedback/outputs. To achieve standardization in large-scale test-
ing, it is important to provide test takers with the same generative tool(s) and the same
set of Al prompting language to begin with, ensuring consistent administration condi-
tions across test takers. With the availability of test-taking process monitoring software
technology, it is feasible to monitor the entire composition process by test takers,
including identifying which parts are original writing, which parts are Al-generated,
and which are revisions based on AI outputs. These consistent administration condi-
tions as well as the ability of the testing system to monitor and log the use of AI tools by
test takers will help to disambiguate some potential confusion while making inferences
about learners’ communicative competence.
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Ultimately, addressing the digital divide across the globe is essential to mitigat-
ing current inequities in digital access, which would significantly impact the fair-
ness of a language test with generative Al tools incorporated. To support global
learners, it is imperative to improve technological infrastructure and to develop
and implement local digital education programs aimed at advancing Al literacy,
especially for marginalized groups (Gonzales, 2024). This calls for close collabora-
tion among governments, educational institutions, local communities, and technol-
ogy companies (Gonzales, 2024). In the language testing field, resources should be
devoted to providing these AI literacy training programs to teachers, who can sub-
sequently train their students, helping to promote digital inclusion for all learners
globally.

While classroom assessments largely rely on off-the-shelf Al tools, large-scale test-
ing providers are in a unique position to develop customized solutions. If these
providers can realign their strategic priorities and allocate financial and human
resources accordingly, they have the potential to innovate and lead in the field of assess-
ment. Those large-scale providers that act promptly will be well-positioned to reclaim
important ground in driving assessment innovations.

Ultimately, the combination of theoretical advancements and practical classroom
transformations is expected to catalyze significant changes in large-scale language
testing. This synergy between theory and practice will help ensure that assessment
practices remain relevant and effective in measuring communicative competence in
a rapidly evolving digital landscape. By embracing these changes, large-scale testing
providers can not only enhance the validity and fairness of assessments but also bet-
ter support the educational community in preparing learners for the demands of the
modern world.

Conclusion

The perception of technology’s role in language assessment has evolved significantly
over time. Initially seen as a source of construct-irrelevant variance, technology was
believed to potentially contaminate the assessment of language skills. However, as tech-
nology advances, particularly with the advent of AT and machine learning, its potential
to enhance language assessment has become increasingly apparent. Generative Al tools
have demonstrated their ability to produce sophisticated text and speech and pro-
vide meaningful feedback to enhance real-life communication, challenging traditional
notions of language competence.

In the last few years, real-world communication has changed dramatically, partic-
ularly with the rise of AI technology, which many now use to enhance or generate
significant parts of their communication. This shift hasled researchers to reconsider the
nature of communicative competence in today’s digital age, prompting a reassessment
of what language tests should evaluate and how communicative competence should be
measured.

Specifically, integrating Al tools into language assessments can help mirror real-
world practices and assess higher-order skills currently overlooked, such as analytical
and evaluative skills in writing. As Al advances to enhance asynchronous or real-time
oral communication via tools like prepared speech coaching, instant hints for real-time
interaction, the definition of oral communicative competence will also evolve, enabling

https://doi.org/10.1017/50267190525000078 Published online by Cambridge University Press


https://doi.org/10.1017/S0267190525000078

Annual Review of Applied Linguistics 219

language testers to measure currently unassessed skills. This approach not only aligns
with technological advancements but also provides a more thorough assessment of
communicative competence.

Providing learners and test-takers with AI tools represents a significant step for
many language educators and testers. The swift advancement of Al technology has
surpassed the development of language constructs and testing practices, causing dis-
comfort among some educators. In the absence of established test theories, classroom
assessment designers have had to rely on their professional instincts to integrate Al
tools into language assessments. Classroom teachers have shown greater adaptabil-
ity, adopting these AT tools in their assessments while grappling with the complexities
surrounding their appropriate, responsible, and ethical use.

The redefinition of communicative competence has significant implications for
language assessment. Innovation in high-stakes exams tends to progress slowly due
to various challenges. Low-stakes formative assessments provide a fertile ground for
experimentation and innovation. In these contexts, educators can explore the use of
various Al tools, such as editorial and generative tools, to enhance assessment. For
instance, editorial tools can help demonstrate students’ ability to use them to improve
the efficiency and accuracy of their writing, while generative tools, if incorporated
effectively in assessments, can help measure students’ Al literacy skills as well as
expanded linguistic and cognitive skills to interpret and use AI outputs to improve
the quality of their language output.

Collaboration among language researchers is crucial to keeping assessments in line
with real-world communication developments. Unlike the traditional method of driv-
ing curriculum changes through large-scale test innovations, it is likely that formative
assessment designers will lead this digital transformation. By incorporating Al tools
into formative assessments, they can pave the way for future changes in large-scale
language tests.
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