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Abstract

A large literature has shown money demand functions constructed from simple-sum aggregates are unsta-
ble. We revisit the controversy surrounding the instability of money demand by examining cointegrating
income-money relationships with the Divisia monetary aggregates for the U.S., and compare them with
their simple-sum counterparts. We innovate by conducting a more granular analysis of various monetary
assets and their associated user costs. We find characterizing money demand with simple-sum measures
only works well in a period preceding 1980. Divisia aggregates, their components, and their user costs pro-
vide a more reliable interpretation of money demand. Subsample analysis across 1980 and 2008 suggests
the instability of money demand is a matter of measurement rather than a consequence of a structural
change in agents’ preference for monetary assets.
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1. Introduction

The stability of money demand has received great attention over the years because it is consid-
ered crucial information for monetary policy determination. Successfully pinning down money
demand shocks makes the job of targeting interest rates easier, thereby facilitating the central
bank’s macroeconomic objectives. Furthermore, monetary aggregates had also been considered
in the past as potential targets of monetary policy. Attention to money demand in the field of
monetary economics began to fade in the early 1990s with the publication of influential mone-
tary papers that focused exclusively on interest rates. Relying on the findings that the previously
stable relationship between simple-sum money and other key macroeconomic variables began to
weaken dramatically after 1980, Friedman and Kuttner (1992) and Bernanke and Blinder (1992)
show that changes in the federal funds rate encapsulate the effects of monetary policy, with money
balances moving endogenously with high, and difficult to predict, variation.

To a large extent, information from monetary aggregates ostensibly exited monetary modeling
since the early 1990s. Important research has successfully endeavored to—as Leeper and Roush
(2003) put it—“bring money back in monetary policy” since then. A growing number of struc-
turally sound monetary models with Divisia money have emerged in more modern times. We
have in mind important work in money demand determination by Serletis (1991), Serletis and
Gogas (2014), Jadidzadeh and Serletis (2019), and Barnett et al. (2022). And for monetary policy
identification, contributions too numerous to list by Belongia and Ireland [see the recent work
in Belongia and Ireland (2016) and Belongia and Ireland (2018)] as well as Keating et al. (2019).
However, to date, the majority of monetary research seems to continue to dismiss the information
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that monetary aggregates bring to economic modeling, perhaps clinging to the memory of the
conclusions surrounding the instability of money demand that emerged since 1980 in the U.S.

Two prongs of research have investigated the breakdown in the stability of money demand.
A set of papers finds the instability of the money demand function is associated with the sam-
ple period. For instance, Ball (2001) extends the post-war sample period of Stock and Watson
(1993) from 1987 to 1996, and rejects a stable long-run demand for the conventional M1 aggre-
gate, which was claimed by the former paper. Judson et al. (2014) observe breakdowns of the
money demand function in the early 1990s and late 2000s. Many papers provide tests for struc-
tural breaks. Gregory and Hansen (1992) and Breuer and Lippert (1996) are among the first to
test the structural shift in the cointegration between money aggregates and other economic vari-
ables. Choi and Jung (2009) detect two structural breaks in the sample from 1959 to 2000, and
otherwise find a stable interest elasticity of money demand in every subsample separated by those
two structural breaks. These studies examine money demand with data from the Federal Reserve’s
conventional (typically referred to as simple-sum) monetary aggregates.

Another line of papers advances that a diminished connection between money and its oppor-
tunity cost can be attributed to measurement error. Lucas and Nicolini (2015) propose a new
aggregate, which treats currency, demand deposits, and money market deposit accounts (MMDA)
as alternative means of payments. Teles and Zhou (2005) use simple-sum M1 before 1980, and
money with zero maturity (MZM) after 1980 as the measure of transaction demand for money.
Both new measures find a more stable long-run relationship among money, prices, a measure
of economic activity, and a nominal interest rate. Belongia (1996) and Hendrickson (2014) re-
examine previous empirical models that find unstable money demand from simple-sum money
by replacing the latter with the Divisia monetary aggregates proposed by Barnett (1980). They
find robust links between money growth and inflation, nominal income growth, as well as the
output gap.

Closely related to our work, Serletis and Gogas (2014) and Belongia and Ireland (2019) adopt
a Johansen (1991) framework to identify significant cointegrating relationships between Divisia
monetary aggregates and measures of opportunity costs. We follow their approach and expand
it with the Johansen (1995) cointegration analysis with restrictions on deterministic trends. We
contribute to the analysis of aggregate money demand estimation by finding stable relationships
with Divisia under a larger set of cointegrating specifications than previously modeled.

Specifically, we answer two questions by testing cointegrating relationships between real money
balances, scaled by nominal output, and the opportunity costs of holding money. First, are
structural breaks and the instability of the money demand function endemic in conventional
simple-sum aggregates? Second, are the Divisia monetary indexes indeed immune to those breaks;
and if so, can a more granular investigation on the components of the Divisia aggregate—and their
associated price duals—shed light on the (in)stability of money demand?

To answer these two questions, we compare the performance of simple-sum M2 and M3 with
Divisia M2 and Divisia M3 in their ability to properly characterize money demand. First, we
compare the elasticity of money demand with respect to two measures of opportunity costs of
holding money: the three-month Treasury-bill rate (henceforth, T-bill yield) and the real user cost
of Divisia.! We consider the user costs associated with the Divisia M2 and Divisia M3 aggregates
constructed by Barnett et al. (2013). We begin from two premises: (i) Divisia indices are infor-
mative and (ii) there is additional information content in Divisia user costs separate from Divisia
aggregates. We look for statistical relationships between real user costs and monetary assets.?
Beyond the statistical advantages we consider, Belongia (2006) and Belongia and Ireland (2019)
argue for a more theoretical interpretation. They advance that when interest returns on monetary
assets are non-trivial, the user cost is a more theoretically coherent measure of the opportunity
cost than a short-term nominal interest rate. On the other hand, Serletis and Gogas (2014) estimate
long-run money demand relationships of Divisia quantity aggregates with the three-month T-bill
yield.
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Admittedly, a theoretical connection between the T-bill yield and Divisia aggregates (or their
components) is more tenuous than that of real user costs. Thus, Belongia and Ireland (2019) make
a persuasive case on theoretical grounds. But we also think Serletis and Gogas (2014) make a con-
vincing case on statistical grounds. From a statistical perspective, a reduced-form analysis of the
relationship between the holding costs of holding monetary assets and the quantities of such assets
can be open more generally to various interest rates as is emphasized by Cagan (1956).% Therefore,
we remain agnostic in our empirical search between considering user costs as Belongia and Ireland
(2019) do, or considering the T-bill rate as in Serletis and Gogas (2014), and we indeed verify sta-
tistically that real user costs bear stronger cointegrating relationships with money demand (scaled
by nominal income) than a more typical short-term interest rate, such as the T-bill yield.

Second, we focus on a potential structural break surrounding the second quarter of 1980, when
deregulation on interest-bearing checking accounts led to many financial innovations in retail
banking. We then expand analysis to the broader aggregates of Divisia M3 and Divisia M4 for a
second potential break around the Great Financial Crisis (GFC) of 2007 and its aftermath. Finally,
we document the cointegrating relationships between quantities demanded of individual mone-
tary assets and their associated user costs. This analysis is important as it facilitates identifying
which monetary assets contribute most to the (in)stability of money demand—and it can be con-
ducted thanks to the granularity of user cost data for each type of monetary asset that is provided
by the Center of Financial Stability (CFS). Our results indicate that the user costs of Divisia carry
information content, not only for the aggregate indices but also for those associated with their
components.

The rest of this paper is organized as follows. Section 2 provides a brief background on Divisia
aggregation. Section 3 outlines the methodology we employ to test for long-run cointegrating
relationships. Section 4 introduces the data and conducts unit root tests for the series we consider.
Section 5 presents the main results of the study. Section 6 extends the analysis by entertaining the
possibility of a structural break in 1980. Section 7 investigates whether the information content of
broader (M3 and M4) Divisia aggregates is diminished by the GFC of 2007. Section 8 provides a
more granular investigation by extending the investigation to an analysis of Divisia components.
Section 9 concludes.

2. Background on Divisia monetary aggregates and the real user costs

We consider Divisia monetary aggregates and their price duals—or Divisia real user costs—as
alternative measures of monetary quantities and opportunity costs of holding monetary assets.
All series are reported at monthly frequencies. Divisia quantity and price indexes are fundamen-
tally different from simple-sum monetary aggregates and market short-term interest rates in their
construction.

Data availability by the CFS dictates our sample spans January 1967—March 2020. There are
important institutional reasons why we stop our analysis in 2020. The Federal Reserve imple-
mented a sudden and unprecedented redefinition of the money supply at that time. Historically,
M1 had been a narrow and relatively liquid monetary aggregate. M2 and M3 had traditionally been
broader and less liquid aggregates. Beginning April 2020—bucking over 100 years of tradition—
the Federal Reserve began including savings deposits as part of M1. It also began amalgamating
other time deposits in that measure. Constrained by this important structural change in measure-
ment standards, the CFS began a different accounting: Savings and OCD (thrifts and commercial)
and MMDAs (thrifts and commercial) began to be added to savings deposits and were assigned
a single user cost under the new designation ‘Other Liquid Deposits.” This portentous change
complicates the granular analysis in this paper.

One way to address this recent break in measurement standards is done by Isakin and Serletis
(2023). They begin with these new definitions of monetary assets as the components of the
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aggregates and then extrapolate backwards by averaging the user costs of the various disaggregated
components into the newly defined assets (e.g. Other Liquid Deposits).

Models attentive to business cycle frequencies—particularly for the purposes of forecasting—
should probably use the most recent and up-to-date definitions as is convincingly done by Isakin
and Serletis (2023). However, our historical investigation of the long-run cointegrating relation-
ships hinges on the important financial innovations of the 1980s that gave rise to a larger portfolio
of monetary assets such as OCDs and MMDAs, and others. All these assets had varying liquidity
properties with user costs that differed materially in the 1990s and 2000s, became more similar
between 2008 and 2015, only to materially decompress and substantially vary afterwards. We opt
to ascribe ourselves to the original definitions of the various assets that remained relevant for these
last 40 years.

In the future, economists may find that 2020 could have had outsize effects in the long-run
cointegrating relationships between monetary assets and interest rates. However, it will not be
tractable to ascertain whether it was the COVID shock itself or the change in the measurement of
monetary assets that would explain this new break in the relationship. Establishing this will require
more data than is currently available, as the shock is too recent—at the time of this writing—to
collect inference on the long-run cointegrating relationship for a post-2020 sample.

Seminal work in Barnett (1978) and (1980) demonstrated how economic aggregation theory
could be used to construct appropriate measures of money balances, where liquidity services are
provided through an entire gamut of assets that includes various types of interest-bearing assets
and non-interest-bearing deposits. By comparison, the simple-sum measures of money balances
the Federal Reserve reports are problematic. This is because traditional measures of M1 and M2
simply add up the nominal value of all monetary assets in circulation while ignoring the fact that
their components yield different flows of liquidity services and, in equilibrium, also differ in the
opportunity (or user) costs that households and firms incur when they include them in their
portfolios. Chrystal and MacDonald (1994) dubbed the essential message of Barnett’s work—
that simply summing monetary assets imposes, unrealistically, that they are perfect substitutes
for each other even when they render different yields—as the “Barnett Critique.” Belongia and
Ireland (2014) emphasize the Barnett Critique is “. . .as relevant today as it was 30 years ago.”

As Barnett (1978) emphasizes, the assumptions implicit in the data construction procedures
should be consistent with the assumptions used to generate the models in which the data are
nested. Absent coherence between the structure of an aggregator function and the economet-
ric models in which aggregates are embedded, measurement error likely occurs. Simple-sum
aggregates lack this coherence.

The derivation of Divisia monetary aggregates is firmly embedded in microeconomic the-
ory. Consider a decision problem over monetary assets. Let m1; be the vector of real balances of
monetary assets in period ¢ and r; denote the vector of holding-period yields for those assets.
The one-period holding yield of a benchmark asset is denoted as R;. The monetary service this
benchmark asset provides is strictly due to investment returns and otherwise generates negligible
liquidity services. Ry is typically referred to as the benchmark rate, which corresponds to a notional
maximum holding yield available to households and firms during period t. The decision problem
features the maximization of utility from monetary assets subject to a restriction of total planned
expenditure in monetary services y;.

Max u(my)
subject to wim; = y;

Barnett (1978) shows the real user cost for each weakly separable group of monetary assets is
calculated by:

Rt —rit
it =
1+ R;

The solution to this microeconomic problem shows that the exact monetary aggregate (M;)

should equal the utility generated from an optimal allocation of monetary assets m; to a

(1)
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representative agent. The real user cost in (1) and the quantity of a given monetary asset jointly
determine the expenditure share of the asset relative to the total expenditure of monetary services.
The growth rate of the monetary aggregate (and its price dual) is determined by the growth in its
underlying monetary assets (and their own real user costs) weighted by their respective expendi-
ture shares, which are themselves functions of real user costs of the form described in (1). The
following describes the aggregate quantity index and its associated aggregate user cost:

d log M; v dlog m,

= XSji———— 2
dt ioit dr ( )
dlog I, dlog mis
RS SR il G)
dt dt
where s;; is the expenditure share of each monetary asset in the total expenditure.
Tim
Sit = ——* @)
Jt
The real user cost dual satisfies Fisher’s factor reversal in continuous time
My = mimy (5)
The Divisia index is a discrete-time approximation of equation (2) described as:
n
log M; —log M;—1 = Z 5it(log mj —logmy, ;) (6)
i=0
where
_ 1
Sit = E(Sit +sit—1) (7)

describes the expenditure shares associated with each underlying monetary asset i. In comparison,
the simple-sum monetary index assigns a time-invariant equal weight to each monetary asset, and
it is constructed as:

n
1
log My —log M;_1 = ; ;( log mj; —logmj, ) (8)

CFS provides data for various Divisia quantity indexes and their respective real user costs at
various levels of aggregation, as well as their components. Divisia M1 includes currency (C),
demand deposits (DD), other checkable deposits (OCDs) at commercial banks, and OCDs at thrift
institutions. Given its narrowness, we do not conduct our investigation at the M1 level of aggre-
gation. Divisia M2 (henceforth, DM2) adds the following components to DM1: savings deposits
(SDs) at commercial banks, SDs at thrift institutions, retail money-market funds (RetailMM),
small time deposits (STDs) at commercial banks, and STDs at thrifts. Divisia M3 (henceforth,
DM3) adds large time deposits (LTDs) and Overnight and Term Repurchase Agreements (REPOs)
to DM2. Divisia M4 (henceforth, DM4) is, currently, the broadest monetary aggregate—excluding
credit card-augmented aggregates—currently available in the U.S. It adds commercial paper (CP),
and 3-month T-bills to the components in DM3.

The simple-sum counterpart of the M2 monetary aggregate, as well as real personal income,
PCE chain-type price index, and the T-bill yield are drawn from the Federal Reserve Bank of St.
Louis’ FRED database. Currently, a measure of M3 is not made available by the Federal Reserve.
We produce our own measure of simple-sum M3 from the component information made available
by CFS. The natural logarithms of these monetary aggregates scaled by output, as well as their
associated user costs are plotted in Fig. 1.4
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Figure 1. Monetary aggregate and interest rate data. Both the Divisia and simple-sum aggregates are log transformed and
normalized by the product of the PCE price index and personal income as the scale variables. Shaded areas denote NBER
recession dates.

3. Methodology

Our estimates of money demand—and the long-run relationship between money balances and
interest rates—are obtained by applying the Johansen (1991) maximum likelihood approach
together with the Johansen (1995) extension for linear restrictions on the cointegrating equation
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and corresponding vector error correction model (VECM). We test the long-run cointegrating
relationships specified in two typical functional forms of money demand.

Dating back to Cagan (1956), the log-level (semi-log) functional form is commonly used as a
standard practice (see, e.g., Stock and Watson (1993) and Ball (2001)). Another functional form
is the double log (log-log) form proposed by Meltzer (1963) (see also Hoffman and Rasche (1991)
and Belongia and Ireland (2019)). In this specification, the money demand equation becomes a
nonlinear function of the opportunity cost. Bae et al. (2006) claim the double-log form can better
accommodate the liquidity trap—that results from extremely low short-term interest rates—than
the benchmark semi-log form. The two functional forms are given by:

Log level : In(mf) = atg + 001 () — a2ty 9)
Double log : In(m?) = 8¢ + 81(t) — 82ln(re) (10)
where
Mﬂ
0=_1L 11
"= Dy, (1)

denotes the logarithm of real money balances scaled by nominal income, and r; represents the
opportunity cost of holding money. The price level (P;) is measured by the PCE Chain-type price
index. Y; denotes real personal income, which is theoretically linked with the output and con-
sumption of households. Our results are qualitatively robust to alternative measures of price and
output, such as CPI and real GDP.

We specify the following VECM:

p—1
AY;=pi+yB Y1+ ) ThAY i +& (12)
k=1

where s consists of deterministic terms, Iy are the short-run adjustment coefficients on AY,_,
and the error correction term y shows the response of AY; to a deviation from the long-run coin-
tegrating relationship. Insofar as AY; and its lag terms contain I(0) processes, the cointegration
relations—if they exist—should be captured in 8’Y;_;. The vector 8 in equation (12) includes the
relevant parameters in the cointegration equations. Since the rank of the long-run impact matrix
(yB') gives the number of cointegrating relationships in the system, we apply the Johansen (1991)
likelihood ratio (LR) test—and the Johansen (1995) extension—for the number of cointegrating
relationships from equation (12).

We allow deterministic trends as functions of time ¢ [e.g., &1 (¢) and 8;(¢) in equations (9-10)]
to enter into the cointegrating equation. Johansen (1995) summarizes how deterministic trends
in VAR specifications correspond to those in the cointegrating equation and the VECM, shown
in Table 1 below. Given that the asymptotic distribution of the LR test does not have the usual x?
distribution—and it depends on the assumptions made for deterministic trends—in order to carry
out the Johansen cointegrating test, we need to make a determination regarding if/how trends are
specified in the cointegrating equation. Following Johansen (1995), the hypothesis H(r) that the
number of cointegrating relationships equals to r is tested under the following assumptions on the
deterministic term (i) in equation (12):

This table shows five (i)—(v) assumptions with the following considerations:

(i). Model H(r): u; =0 (no constant): All the series in Y; are I(1) without drift and the
cointegrating relations 'Y, have mean zero.

(ii). Model H(r): ;s = o = ypo (restricted constant): The series in Y, are I(1) without drift
and the cointegrating relations 'Y have non-zero means py.
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Table 1. Trend assumptions for Johansen (1995) cointegration test

Assumption Trends in level data Trend in CE VAR
(i). No constant uwe=0 No deterministic trend No intercept or trend No intercept
(ii). Restr. constant Mt = [Lo = Y P0 No deterministic trend Intercept only No intercept

Allow for linear trend

(iii). Unrestr. consta Ut = o Intercept only Intercept only
(iv). Restr. Trend e = o+ ypit  Allow for linear trend Intercept and trend Intercept only
(v). Unrestr. Trend e = o + pit Allow for quadratic trend Intercept and trend Intercept and trend

Note: y is the coefficient of the cointegrating component in the VECM model.

(iii). Model H(r) : 1 = jto (unrestricted constant): The series in Y are I(1) with drift vector g
and the cointegrating relations 'Y, may have a non-zero mean.

(iv). Model H(r) : s = o + yp1t (restricted trend). The series in Y; are I(1) with drift vector
(o and the cointegrating relations 8'Y; have a linear trend term p; .

(v). Model H(r) :jtt = o + m1t (unrestricted constant and trend). The series in Y; are I(1) with
a linear trend (quadratic trend in levels) and the cointegrating relations 'Y, have a linear
trend.

We impose a constant in every bivariate specification we estimate in this paper. Thus, we con-
centrate on the latter four (ii—v) criteria of the Johansen (1995) test, where p; correspond to the
a; coefficients in the semi-log form specified in equation (9) or the §; coefficients in the double-log
form specified in equation (10) for j = {0, 1, 2}.

As Ball (2001) points out, including trends may yield unreliable estimates of the parameters
because of the high collinearity between trend balances and income. Therefore, Ball (2001) also
estimates cointegrating equations with the added constraint that income elasticity is unity. These
estimates turn out to be informative and do not alter the findings that the demand for money
has become unstable when the sample size is extended beyond the late 1980s and up to the mid-
1990s. We follow this reasoning and we impose the unitary income elasticity assumption in our
equations (9) and (10).

4. The persistence of Divisia aggregates and their price duals

Our sample encompasses January 1967—March 2020 measured at monthly frequencies. Fig. 1
shows the series we consider in the paper. All monetary aggregates are scaled by the PCE times real
personal income and are all log transformed. The first four charts in the top row of Fig. 1 denote
the Divisia aggregates (DM1-DM4) at the four levels of aggregation the CFS provides. The next
three charts that follow in the second row the simple sum measures M1-M3, and the last chart on
the second row is the monthly average of the T-bill yield. The remaining charts on the bottom row
are the price duals of each of the four Divisia quantity indices; namely, DM1_RUC—DM4_RUC,
real user cost indices.

In line with Johansen and Juselius (1990), Benati et al. (2016), Anderson, et al. (2017) among
many others, the theoretical money demand framework is interpreted here as describing poten-
tial long-run cointegrating relationships between two variables: the log money-output ratio—as
a measure of the real demand for money relative to a scale variable—and the opportunity cost
of holding money, expressed in levels or log levels. Adopting this approach requires that the two
variables be generated by integrated time series processes.

Table 2 shows results from Dickey and Fuller (1979) unit root tests for each of the variables
plotted in Fig. 1. We use the “local to unity GLS” detrending procedure introduced by Elliott et al.
(1996) to gain greater power against the null of stationarity over what the standard Dickey-Fuller
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A. Only Intercept is included in DF-GLS test equation

log (chqifm) Lags Level Lags Difference
M1 6 —0.69 16 —2.74%%*
M2 4 —0.57 11 —3.48%**
M3 2 —0.20 11 —2.48**
DM1 6 —0.56 8 —2.84%+*
DM2 4 —0.07 11 —3.15%%*
DM3 6 0.12 15 —2.47**
DM4 8 0.49 11 —2.41**
Significance: ***denotes 1%; **denotes 5%; *denotes 10%
B. Only Intercept is included in DF-GLS test equation

Opportunity costs Lags Level Lags Difference
3m Thill 6 —1.34 17 —2.08**
log(3m Thill) 2 —1.00 19 —2.90%**
DM1 RUC 2 —2.08** 16 —3.38%*
log(DM1 RUC) 1 —1.35 16 —3.40%*
DM2 RUC 0 —2.33* 17 —3.39%%*
log(DM2 RUC) 0 —2.16** 17 —2.60%**
DM3 RUC 0 —2.79™** 17 —3.41%
log(DM3 RUC) 0 —2.37% 17 —2.55%*
DM4 RUC 5 —2.15** 18 —3.76%**
log(DM4 RUC) 2 —2.28** 18 —2.89%**
Significance: ***denotes 1%; **denotes 5%; *denotes 10%

C. Trend and Intercept are included in DF-GLS test equation
Opportunity costs Lags Level
3m Thill 6 —1.69
log(3m Thill) 2 —-1.77
DM1RUC 2 —2.40
log(DM1 RUC) 0 —1.83
DM2 RUC 0 —2.57
log(DM2 RUC) 0 —2.37
DM3 RUC 5 —2.68*
log(DM3 RUC) 0 —3.21*
DM4 RUC 5 —2.68*
log(DM4 RUC) 5 —2.57

Significance: ***denotes 1%; **denotes 5%; *denotes 10%

Note: DF-GLS is the modified Dickey-Fuller test statistic proposed by Elliott et al. (1996). Lags denote
the number of lags included in the modified DF regression. The difference between the second and
the third panels is marked by whether a linear trend is entered into the test equation. RUCs denote
real user costs. The optimal lags are selected based on SIC or modified SIC criteria.
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regression provides. The lower tail critical values are interpolated from the Elliott et al. (1996) sim-
ulation for T = {50, 100, 200, co}. The null hypothesis of a unit root is rejected for estimates that
fall below these critical values. By default, a constant is included since a mean-zero assumption is
unrealistic for most of our series.

Panel A at the top of Table 2 shows our tests fail to reject the null hypothesis of a unit root in
the level of the log money-output ratio In(m¢) for all the simple-sum and Divisia money measures
we consider. The DF-GLS test rejects the null of a unit root for all series when expressed in first
differences. We find overwhelming evidence that all monetary aggregates are characterized by a
difference-stationary I(0) process.

The middle panel (B) of Table 2 repeats the analysis for our interest rate measures—both in
levels [r¢] or log levels [In(r:)]. The DF-GLS test fails to reject the null of a unit root for the
level, or log level, of the T-bill yield. Conversely, the null of a unit root is rejected for all four
levels of the user cost. Moreover, the unit root hypothesis is also rejected for the log levels of
the user costs of Divisia M2, M3, and M4. These results are qualitatively consistent with those
found in Belongia and Ireland (2019), who argue that there are low-frequency stochastic trends
that mirror those in the log money-output ratio, which are swamped by volatile transitory fluc-
tuations in interest rates. Our evidence is consistent with that of a linear deterministic trend as
the likely contributor to the level-stationarity of most real user costs. The only exception to this
robust finding in rates appears for the T-bill yield. This presents a statistical reason against the
consideration of a short-term rate as the cost of holding money balances. Belongia (2006) out-
lines emphatically the problems of including more conventional short-term rates in statistical
money demand equations since they more likely reflect the price of monetary substitutes, such as
bonds, rather than the “price” of monetary services themselves. The own-price of money is more
closely connected to the real user cost on the theoretical grounds established in Barnett (1978) and
(1980).

Panel C at the bottom of Table 2 incorporates both constants and trends in the DF-GLS test
equation of the level data for each of the four real user costs. This allows us to examine whether a
linear trend is a source of the level-stationarity of these price duals. All real user costs, but that of
M3, reveal a unit root in their data generating process. Combining this information with the first-
difference stationarity found in the other panels of the table suggests the presence of deterministic
trends as the source of persistence in these interest rates.

5. Cointegration analysis

This section outlines our investigation of the long-run relationship between Divisia monetary
aggregates and short-term interest rates, and provides a comparison with the simple-sum coun-
terparts. We choose not to examine M1, given its narrowness, and we focus our cointegrating
analysis on monetary balances at higher levels of aggregation. Two practical reasons inform our
decision. First, past structural models of the economy that included money in the specification
often included the broader aggregate M2 (e.g., Christiano et al. (1999) and, more recently, Keating
et al. (2019)). Second, one of the arguments used to justify removing monetary aggregates from
monetary modeling was the apparent loss of signal in M2 balances for overall economic activity
since the 1980s. The suggestion is that information content from monetary aggregates, even the
broader ones, began to decay in the wake of momentous financial innovations that began after
1980 in the U.S.

Throughout our investigation, we normalize all monetary aggregates by the PCE index times
real personal income. Table 3 reports full sample estimates of the interest elasticity of money
demand in the semi-log form for Divisia M2, Divisia M3, and their simple-sum counterparts.
We log-transform the monetary aggregates but keep the interest rates in levels. We test for coin-
tegrating relationships between the log money-output ratio and its associated real user cost, or
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Table 3. Cointegrating money demand relationships (Semi-log form)

Log money-output ratio: [n(m{) = In(M{ /(PCE x Real personal income))

Specification: In(m{) = g + o1 (t) — a1

re =3 m T-bill yield Simple Sum Divisia

M2 M3 DM2 DM3

Johansen (1995) Specification:

(if). Restr. constant . . 1.63 14.5
L] L[] [6.4] [4.1]
(iif). Unrestr. constant . . 1.67 —1.34
L] L[] [6.4] [=4.1]
(iv). Restr. Trend . . 0.59 0.30
L] L] [5.9] [4.4]
(v). Unrestr. Trend . . 0.70
L[] [] [6.0] []
Lags 7 7 7 7

Log money-output ratio: [n(m{) = In(M{ /(PCE x Real personal income))

Specification: In(m¢) = o + o1 (t) — o2 (ry)

re=RUCY Simple Sum Divisia

M2 M3 DM2 DM3

Johansen (1995) Specification:

(if). Restr. constant . . 6.50 8.60
[] L[] [7.7] [5.4]
(7if). Unrestr. constant 10.51 . 6.60 9.61
[4.1] L[] [7.7] [5.3]
(iv). Restr. Trend . . 6.82 9.01
[] [] [7.7] [5.4]
(v). Unrestr. Trend . . 7.10 10.24
L] [] [7.6] [5.5]

Lags 8 8 6 7

Note: The number of cointegrating equations (single in our bivariates) are tested at a 5% significance
level following Johansen (1995). We first conduct the maximum eigenvalue test or the trace test for the
null of no cointegrating relationship between each pair of variables shown in the table. The table shows
estimates of a; for every bi-variate specification that fails to reject the null of no cointegration for each
of the (ii.—v.) specifications of the Johansen (1995) test, where «; is Johansen (1991) maximum likeli-
hood estimates of the coefficients of the first cointegrating vector, normalized so that the coefficient on
In(m¢) equals one. Numbers in brackets underneath each estimate of «, denote the t-statistic. Any blank
(missing value) in each element denotes no cointegration was found for that particular pair of variables
under that particular specification for the relevant sample. Real user costs (RUC{) are congruent with
a=2,3 levels of aggregation. Optimal lag lengths are chosen according to the Akaike (1974) criterion.

the T-bill yield, in a bi-variate framework described in the VECM system in equation (12) under
specifications (9) and (10). We consider both the maximum eigenvalue test and the trace test for
the null of no cointegrating relationship for each bi-variate specification under the four (ii.—v.)
linear restrictions on the cointegrating equation for the VECM specified in Johansen (1995).°
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We first conduct the maximum eigenvalue test or the trace test for the null of no cointegrating
relationship between each pair of variables shown in Table 3. The table shows estimates of «, for
every bi-variate specification that fails to reject the null of no cointegration for each of the (ii.—
v.) specifications of the Johansen (1995) test, where «; represents the Johansen (1991) maximum
likelihood estimates of the coefficients of the first cointegrating vector, normalized so that the
coefficient on In(m;) equals one. Numbers in brackets underneath each estimate of o denote the
t-statistic. Any blank (missing value) in each element denotes no cointegration was found for that
particular pair of variables under that particular specification for the relevant sample. Optimal lag
lengths are chosen according to the Akaike (1974) information criterion.®

The first two columns of Table 3 show that neither of the two variants of the Johansen (1995)
test fail to reject the null of no cointegration between the T-bill yield (r;) and the simple-sum
M2 or simple-sum M3 aggregates (my). Consequently, no estimate of o, in equation In(mf) =
o + a1(t) — ayry is reported in the first two columns of Table 3. Divisia M2 and Divisia M3 pro-
vide stark contrast. The third column of the table reveals that all (ii.—v.) specifications of the
Johansen (1995) test reject the null of no cointegration between Divisia M2 and the yield on the
T-bill. The ensuing «; estimate in our money demand equation for the semi-log form has the
expected sign consistent with a correct interpretation of money demand. The fourth column of
Table 3 shows Divisia M3 is cointegrated with the T-bill yield for the restricted constant (ii.) and
the restricted trend (iv.) specifications in Johansen (1995). However, specification (v.) finds no
evidence of cointegration between Divisia M3 and the T-bill yield, and while the unrestricted
constant (iii.) specification finds a cointegrating relationship, the o estimate shows the wrong
sign.

The bottom panel of Table 3 repeats the analysis when we replace the T-bill yield with the
Divisia price duals. We look for cointegrating relationships between M2 and the real user cost
of M2, as well as M3 and its respective user cost. Comparing the first column (for simple-sum
M2) and the third column (for Divisia M2) shows that all specifications find a cointegrating rela-
tionship between Divisia M2 and its user cost. All coefficients have the expected sign; they all
are statistically significant and quite close in magnitude. This suggests that a Divisia M2 money
demand equation is quite insensitive to the Johansen (1995) cointegrating specification for the
(ex)inclusion of trend. On the other hand, only one Johansen (1995) cointegrating specification
finds cointegration between simple-sum M2 and the Divisia M2 user cost. Comparing the second
and fourth columns shows a Divisia M3 money demand as a function of the real user cost of M3
is robust to the Johansen (1995) cointegrating assumptions, and it vastly outperforms a charac-
terization of money demand with simple-sum M3, since no evidence of cointegration is found
there.

Table 4 is the analog for the previous table when the interest elasticity of money demand is now
modeled in the double-log form. The top panel shows that Johansen (1995) finds no cointegration
between the log of the T-bill yield and either simple-sum aggregate in our sample. On the other
hand, three of the four Johansen (1995) cointegrating criteria do not show a cointegrating rela-
tionship between the log of the T-bill yield and Divisia aggregates. The unrestricted constant (ii.)
specification finds cointegration between Divisia M2 and the log of the T-bill yield with a correct
sign for 8,. The restricted constant (i.) specification finds cointegration between Divisia M3 and
the log of its associated user cost, and while the sign is consistent with an interpretation of money
demand, the §, estimate is not statistically significant.”

The bottom panel of Table 4 paints a different picture and highlights that not only is there infor-
mation in the aggregate Divisia measures, but also in their associated user costs. Looking at the
first and third columns reveals that both simple-sum M2 and Divisia M2 are cointegrated with the
(log) user cost of M2 across all specifications. The &, coefficient estimates are closer across (ii.—
v.) for Divisia M2 than for simple-sum M2. This suggests Divisia is less sensitive to the Johansen
(1995) cointegration criteria. Moreover, the t-statistics are always larger for Divisia M2 than for
simple-sum M2 in each specification. Comparing the second and fourth columns provides a more
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Table 4. Cointegrating money demand relationships (double-log form)

Log money-output ratio: [n(m{) = In(M{ /(PCE x Real personal income))

Specification: In(m{) = 8o + 81(t) — 21n(r¢)

re =3 m T-bill yield Simple Sum Divisia

M2 M3 DM2 DM3

Johansen (1995) Specification:

(if). Restr. constant . . . 0.07

L[] L[] [] [1.3]
(iif). Unrestr. constant . . 0.42

L[] L] [3.4] L[]
(iv). Restr. Trend

L] [] L] L[]
(v). Unrestr. Trend

L[] [] L[] []
Lags 14 9 6 3

Log money-output ratio: [n(m{) = In(M{ /(PCE x Real personal income))
Specification: In(m{) = 8o + 81(t) — 82(n(r¢)

re=RUCY Simple Sum Divisia

M2 M3 DM2 DM3

Johansen (1995) Specification:

(if). Restr. constant 1.92 . 1.71 2.43
[4.8] [] [7.4] [5.8]
(7if). Unrestr. constant 1.93 . 1.72 2.66
[4.8] [] [7.3] [5.9]
(iv). Restr. Trend 1.46 . 1.50 2.13
[5.0] [] [7.8] [6.0]
(v). Unrestr. Trend 1.43 . 1.53 2.28
[5.1] [] [7.9] [6.1]
Lags 6 6 6 6

Note: The number of cointegrating equations (single in our bivariates) are tested at a 5% significance
level following Johansen (1995). We first conduct the maximum eigenvalue test or the trace test for the
null of no cointegrating relationship between each pair of variables shown in the table. The table shows
estimates of a; for every bi-variate specification that fails to reject the null of no cointegration for each
of the (ii.—v.) specifications of the Johansen (1995) test, where «; is Johansen (1991) maximum likeli-
hood estimates of the coefficients of the first cointegrating vector, normalized so that the coefficient on
In(m¢) equals one. Numbers in brackets underneath each estimate of «, denote the t-statistic. Any blank
(missing value) in each element denotes no cointegration was found for that particular pair of variables
under that particular specification for the relevant sample. Real user costs (RUC{) are congruent with
a=2,3 levels of aggregation. Optimal lag lengths are chosen according to the Akaike (1974) criterion.

severe contrast between Divisia M3 and simple-sum M3. A cointegration relationship is never
found between the log of the real user cost of M3 and simple-sum M3. Whereas Divisia M3 and
the log of its associated user cost reveal a strong cointegrating relationship suggestive of a robust
money demand characterization with the é, remaining quite close across specifications.
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If—contrary to common knowledge—monetary assets were homogeneous in providing mon-
etary services, one would expect their quantities would move proportionally with changes in
the overall holding cost of aggregate money. In this simplifying and unrealistic case, weighing
each asset according to its liquidity would present no advantage in the estimation of money
demand. According to the quantity theory of money, the interest rate elasticity of money demand
should be significantly negative irrespective of which monetary liabilities the central bank includes
in its preferred aggregate. Our results show this primordial liquidity relationship fails to hold
for simple-sum measures, but it is always confirmed for all the U.S. CFS Divisia indexes we
consider.

6. Structural breaks in long-run money demand

The instability of money demand is often attributed in the literature to financial innovations that
took place in retail banking after 1980 in the U.S. To a large extent, these innovations in bank-
ing and financial markets emanated from the passage of the Depository Institutions Deregulation
and Monetary Control Act of 1980 (DIDMCA). DIDMCA resulted in a robust deregulation in
the way interest rates were paid by depository institutions, making them a matter of private
discretion. Previously, Regulation D prohibited U.S. banks from paying interest on demand
deposits and checking accounts. Furthermore, DIDMCA allowed Negotiable Order of Withdrawal
(NOW) accounts, essentially one type of interest-bearing demand deposit accounts, to be offered
nationwide, ending the era when monetary assets yielded zero interest earnings.

There are institutional reasons that substantiate the passage of DIDMCA in 1980 as the source
of instability in the information content of monetary assets. Beyond these convincing institutional
changes in money markets, we look for breaks in the time series properties of the relevant data.
Table 5 shows results of the Andrews and Ploberger (1994) statistical test for a single structural
break at unknown change date, and the Bai and Perron (2003) test for multiple breaks at unknown
change points. The top panel shows the Andrews and Ploberger (1994) test finds a structural break
in 1980 within a 95% confidence interval for both (normalized M2 and M3) Divisia aggregates.
When we allow for two breaks, the Bai and Perron (2003) test also finds a break in 1980. The test
finds a second break for Divisia M2 in 2012, close to the date of the third episode of quantitative
easing, and a second break in 1988 for Divisia M3.

The middle panel of Table 5 repeats the two tests for the real user costs of both Divisia aggre-
gates. The Andrews and Ploberger (1994) test finds a break in both user costs in late 2008 around
the onset of the zero lower bound (ZLB) period. The Bai and Perron (2003) test also finds 2008 as
one of the breaks for the user cost of Divisia M2. When allowing for two breaks, Bai and Perron
(2003) finds a break in both user costs in the late 1970s, a period associated with high and volatile
interest rates.

Finally, the bottom panel tests structural breaks in the residuals from regressing Divisia M2
and M3 and their respective user costs. The results suggest that while the break in Divisia or user
costs is found early in 1980, according to the previous tests, the break in the residuals (hence a
break in the relationship) occurs with a slight delay in the middle of 1981 for the M3 regression
and the middle of 1982 for the M2 regression. Overall, these statistical tests show a preponderance
of evidence for a structural break in 1980.%

To assess the extent to which financial innovations might have caused a break in money
demand, we consider two subsamples separated by a pre- and post-May 1980, the month when
DIDMCA is believed to have been fully implemented. We focus our analysis at the M2 level
of aggregation, which encapsulates the majority of newly created deposits in the aftermath
of DIDMCA; namely, “other checkable deposits” (OCDs) and “retail money market funds”
(RMMFs). Nevertheless, we also include an analysis of M3 here because it includes other assets,
such as repurchase agreements, which might have grown in importance since the GFC period.

https://doi.org/10.1017/5S1365100524000427 Published online by Cambridge University Press


https://doi.org/10.1017/S1365100524000427

Table 5. Structural break tests at unknown break point

Macroeconomic Dynamics 15

log(M/PY)
DM2 DM3
Andrews and Ploberger (1994)
Single break 1979:M10 1980:M2

(1979:M8, 1980:M2)

(1980:M1, 1980:M3)

Bai and Perron (2003)

Break 1 1980:M2
(1980:M1, 1980:M3)
Break 2 2012:M12

(2012:M10, 2013:M2)

1979:M10

(1979:M9, 1979:M11)
1988:M6

(1987:M11, 1988:M12)

Real User Costs

DM2

DM3

Andrews and Ploberger (1994)
2008:M10
(2008:M4, 2009:M6)

Single break

2008:M12
(2005:M1, 2011:M6)

Bai and Perron (2003)

Break 1 1978:M6
(1976:M10, 1979:M2)
Break 2 2008:M10

(2008:M6, 2008:M4)

1977:M12
(1977:M4, 1978:M3)

1986:M6
(1985:M10, 1987:M5)

Residuals e;: log(M¢ /Pt * Yt) = o + BRUC: + e¢

DM2

DM3

Andrews and Ploberger (1994)
1982:M6
(1982:M5, 1982:M7)

Single break

1981:M8
(1981:M7, 1981:M9)

Bai and Perron (2003)

Break 1 1981:M10
(1981:M9, 1981:M11)
Break 2 2012:M12

(2012:M10, 2013:M1)

1981:M6

(1981:M5, 1981:M7)
2001:M10

(2001:M6, 2003:M1)

Note: The 95% confidence intervals are enclosed in parentheses. The distribution function used for com-
puting the intervals is given in Bai (1997). The procedure to generate intervals for multiple breakpoints

is described in Bai and Perron (2003).

6.1 Money demand as a function of the T-bill yield

Table 6 shows subsample results for money demand as a function of the T-bill yield. Essentially,
the top panel of Table 6 estimates the semi-log specification shown in the top panel of Table 3 while
breaking the sample in 1980:Q2. The first column in the top panel shows that between 1967 and
1980, all four specifications find a cointegrating relationship between simple-sum M2 and the T-
bill yield. The estimates of «, in equation (9) are all close in magnitude and statistically significant
with ¢-statistics of 6.9 or greater.
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Table 6. Cointegrating money demand relationships with 3 m T-bill rate: pre- & post-1980 samples

Log money-output ratio: [n(m{) = In(M{ /(PCE x Real personal income))—Specification: In(m{) = ag + a1 (t) — ctar

re =3 m T-bill yield 1967:Q1—1980:Q2 1980:Q2—2020:Q1

M2 DM2 M3 DM3 M2 DM2 M3 DM3

Johansen (1995) Specification:

(ii). Restr. constant 0.021 0.210 . 0.145 . 4.85
[7.9] [6.8] [] [7.0] [] [5.0] [] []
(iii). Unrestr. constant 0.021 0.212 . 0.147 . 4.26 . —0.009
[7.9] [6.9] [] [7.0] [] [5.1] [] [-1.3]
(iv). Restr. Trend 0.027 0.063 . 0.113 —0.222 —0.155 —0.172 —0.068
[6.9] [7.7] [] [6.2] [—5.5] [6.0] [=5.3] [—5.6]
(v). Unrestr. Trend 0.027 0.064 0.412 0.116 —0.220 —0162 —0.174 —0.070

[6.9] [7.7] [3.5] [6.2] =55 [—6.1] IS5 [=5.7]

Lags 3 4 3 4 17 17 17 18

Log money-output ratio: In(m{) = In(M{ /(PCE x Real personal income))—Specification: [n(m7) = 8o + 81(t) — 82(n(r¢)

re =3 m T-bill yield 1967:Q1—1980:Q2 1980:Q2—2020:Q1

M2 DM2 M3 DM3 M2 DM2 M3 DM3

Johansen (1995) Specification:

(ii). Restr. constant 0.152 2.41 . 1.54 . 0.261 . 0.017
[8.9] [6.2] [] [3.4] L[] [] [] [1.3]
(iif). Unrestr. constant 0.153 2.41 . 1.59 —0.740 0.257 0.095 0.016
[8.8] [6.2] [] [6.3] [—2.6] [3.4] [4.8] [1.3]
(iv). Restr. Trend 0.174 7.39 1.30 —2.25 —6.17 0.070 5.14 —0.053
[7.6] [5.5] [4.3] [=5.2] [—2.6] [0.9] [4.5] [—2.0]
(v). Unrestr. Trend 0.173 0.940 1.18 —1.86 —5.00 —1.16 0.469 —.076

[7.5] [5.4] [4.4]  [-52]  [—2.6] [—2.5] [4.49] [—2.4]

Lags 2 4 3 4 9 9 3 3

Note: The top panel and bottom panels contain the semi-log and the log-log specifications, respectively. The number of cointegrating equations
(single in our bivariates) are tested at a 5% significance level following Johansen (1995). We first conduct the maximum eigenvalue test or the
trace test for the null of no cointegrating relationship between each pair of variables shown in the table. The table shows estimates of «; or &,
for every bi-variate specification that fails to reject the null of no cointegration for each of the (ii.—v.) specifications of the Johansen (1995) test,
where «; is Johansen (1991) maximum likelihood estimates of the coefficients of the first cointegrating vector, normalized so that the coefficient
on [n(m;) equals one. Numbers in brackets underneath each estimate of «; or §; denote the t-statistic. Any blank (missing value) in each element
denotes no cointegration was found for that particular pair of variables under that particular specification for the relevant sample. Optimal lag
lengths are chosen according to the Akaike (1974) criterion.

The second column of Table 6 shows that our conclusions do not change when considering
Divisia M2 in the money demand equation (9). The magnitudes of the «; coefficients seem some-
what larger for the constant specifications (4i.—iii.) than the trend specifications (iv.— v.) in the
Johansen (1995) criteria, but all coefficients are statistically significant with the correct sign. The
third columns shows simple-sum M3 only cointegrates with the T-bill under the unrestricted
trend specification (v.) before 1980, whereas Divisia M3 in the fourth column shows cointegration
and statistical significance under all criteria.

Looking at columns 5—8 in that top panel of Table 6, the cointegration relationships between
the T-bill and monetary aggregates largely break down in the post-1980 sample. Only the trend
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(iv.— v.) specifications show cointegration between simple-sum M2 and the yield on the three-
month T-bill. The same holds for simple-sum M3. The «; estimate for both aggregates is
significantly negative contradicting a money demand interpretation. Divisia M3 suffers from
the same negative estimate issue. However, the constant (ii.—iii.) specifications show results
consistent with money demand for Divisia M2 in this sample.

The bottom panel of Table 6 shows subsample results for money demand as a function of the
log of the T-bill. This is consistent with the log-log specification shown in the top panel of Table 4
for the T-bill yield in samples that straddle 1980. In the pre-1980 sample, the estimates of &, in
equation (10) are, for the most part, qualitatively consistent with those of the semi-log specifi-
cation in the top panel. Simple-sum M2 and Divisia M2 significantly cointegrate with the T-bill
yield under all Johansen (1995) criteria with the correct sign. We reach the same conclusions for
simple-sum M3 under trend (iv.— v.) specifications and for Divisia M3 under constant (ii.—iii.)
specifications. Columns 5—8 in the bottom panel of Table 6 show that after 1980, simple-sum M2
shows a negative sign for §,, which is problematic. Divisia M2 only shows a qualitatively sensible
cointegrating relationship with the T-bill yield under the unrestricted constant (iii.) and Divisia
M3 rarely exhibits a statistically significant §, estimate and never with the correct sign. Puzzlingly,
while the semi-log form in the top panel of Table 6 showed simple-sum M3 never has a correct
sign for 8, after 1980, the log-log form shows a correct sign for M3 and the T-bill yield.

Overall, the picture that emerges from Table 6 is that, both for the semi-log form (top panel)
and the log-log form (bottom panel), the T-bill yield cointegrates well (irrespective of the Johansen
(1995) selection criteria) with simple-sum M2 in a way that is consistent with a traditional money
demand interpretation. The same conclusion holds for Divisia M2. While evidence of cointegra-
tion is weaker for M3, the trend specification for the semi-log and log-log forms show simple-sum
M3 cointegrates with the T-bill yield with a correct sign for «; or ;. Divisia M3 cointegrates with
the correct sign for o, under all (ii.— v.) specifications, and for 8, under the no-trend specifica-
tions (ii.—iii.). However, the long-run relationship between the T-bill yield and these monetary
aggregates largely breakdown in the post-1980 sample. This breakdown could be explained by
the fact that about one third of the post-1980 sample encompasses the ZLB period, which com-
pressed the T-bill yield to near zero for over half a decade and to abnormally low values for over
a decade. We test this with another subsample estimation for the pre- and post-2008 period. But
first, we repeat the analysis of Table 6 replacing the T-bill yield with the user costs of Divisia
M2 and Divisia M3, neither of which were driven to zero in the aftermath of the GFC period or
thereafter.

6.2 Money demand as a function of the user cost of Divisia money

Table 7 shows subsample results for money demand for M2 as a function of the user cost of M2,
as well as money demand for M3 as a function of the user cost of M3. As in the previous table,
the top panel shows results for the semi-log specification of equation (9) and the bottom panel of
Table 7 shows results for the log-log form in equation (10). While the magnitudes of the estimates
are more sensitive among the (ii.—v.) specifications for bivariate pairs with user costs (than they
were for the T-bill yield), the conclusions are far more robust for our cointegration analysis with
user costs. In the pre-1980 subsample, both simple-sum M2 and Divisia M2 are cointegrated with
the user cost of Divisia M2 with the correct sign for o, or 8,. A largely similar conclusion can be
drawn for a money demand interpretation based on cointegration evidence between Divisia M3
and its associated user cost. However, evidence of cointegration between simple-sum M3 and the
user cost of M3 is never found.

The user cost results from the post-1980 sample provide salient contrast with the conclusions
we drew for the T-bill yield. Inspecting columns 5—8 in the top panel of Table 7 for the o, estimate
of the semi-log form—along with the bottom panel for the 8, estimate of log-log form—reveals
a powerful message regarding the information content of Divisia balances and their price duals.
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Table 7. Cointegrating money demand relationships with user costs: pre- & post-1980 samples

Log money-output ratio: [n(m{) = In(M{ /(PCE x Real personal income))—Specification: [n(m{) = ag + a1 (t) — 2 (r¢)

re = RUC? 1967:Q1—1980:Q2 1980:Q2—2020:Q1
M2 DM2 M3 DM3 M2 DM2 M3 DM3
Johansen (1995) Specification:
(ii). Restr. constant 0.569 6.33 . 3.85 . 5.47 . 9.57
[7.4] [4.9] [] [4.6] L] [6.5] [] [4.5]
(iii). Unrestr. constant 0.572 5.71 . 3.81 . 5.44 . 11.2
[7.4] [5.2] [] [4.7] [] [6.5] [] [4.5]
(iv). Restr. Trend 1.42 1.90 4.22 11.1
[] [5.9] [] [] [1.8] [5.1] [] [4.0]
(v). Unrestr. Trend 0.687 1.47 2.16 6.45 —4.70
[6.4] [5.8] [] [4.6] [] [5.4] [] [—4.3]
Lags 3 3 3 3 10 8 7 6

Log money-output ratio: [n(m{) = [n(M{ /(PCE x Real personal income))—Specification: In(m{) = 8 + 81(t) — 82(n(r)

re= RUC‘t’ 1967:Q1—1980:Q2 1980:Q2—2020:Q1
M2 DM2 M3 DM3 M2 DM2 M3 DM3
Johansen (1995) Specification:
(ii). Restr. constant 0.144 2.72 . 1.45 . 0.935 . 1.93
[8.7] [4.6] [] [4.5] [] [6.9] [] [4.7]
(iii). Unrestr. constant 0.145 2.28 . 1.39 1.95 0.933 . 2.18
[8.6] [4.7] L] [4.5] [4.1] [7.0] L] [4.7]
(iv). Restr. Trend 0.153 . . . . 0.862 . 3.66
[7.5] [] [] [] [] [5.4] [] [4.4]
(v). Unrestr. Trend 0.153 0.639 . . . 1.14 —1.84 —2.41
[7.5] [4.9] [] L] L] [5.6] [—4.1] [—4.6]
Lags 4 4 4 4 6 6 6 6

Note: The top panel and bottom panels contain the semi-log and the log-log specifications, respectively. The number of cointegrating equations
(single in our bivariates) are tested at a 5% significance level following Johansen (1995). We first conduct the maximum eigenvalue test or the
trace test for the null of no cointegrating relationship between each pair of variables shown in the table. The table shows estimates of «; or &,
for every bi-variate specification that fails to reject the null of no cointegration for each of the (ii.—v.) specifications of the Johansen (1995) test,
where «; is Johansen (1991) maximum likelihood estimates of the coefficients of the first cointegrating vector, normalized so that the coefficient
on [n(m;) equals one. Numbers in brackets underneath each estimate of «; or §; denote the t-statistic. Any blank (missing value) in each element
denotes no cointegration was found for that particular pair of variables under that particular specification for the relevant sample. Optimal lag
lengths are chosen according to the Akaike (1974) criterion.

The strong evidence of cointegration between simple-sum M2 and the user cost of M2 we see in
the pre-1980 sample largely vanishes in the post-1980 period. Three of the four specifications that
showed a strong cointegrating relationship before 1980 fail to find cointegration after 1980. Only
one specification for M2 shows cointegration with a correct sign for o, after 1980, but the estimate
has the smallest -statistic across all our exploration of M2. Conversely, Divisia M2 cointegrates
with the user cost of M2 after 1980 under all Johansen (1995) criteria.

Finally, simple-sum M3 never cointegrates with the user cost of Divisia M3 in the post-1980
sample. On the other hand, with the exception of the unrestricted trend (v.) Johansen (1995)

https://doi.org/10.1017/5S1365100524000427 Published online by Cambridge University Press


https://doi.org/10.1017/S1365100524000427

Macroeconomic Dynamics 19

criteria, we find strong evidence of cointegration between Divisia M3 and the user cost of M3—
with correct signs for the §, estimates—in the post-1980 sample.

Taking stock of our analysis thus far renders a few poignant conclusions. First, the full sample
analysis of Tables 3 and 4 provide strong evidence that the simple-sum M2 and M3 aggregates
fail to cointegrate with the T-bill yield—both when estimating semi-log or double-log functional
forms of money demand. On the other hand, Divisia M2 and Divisia M3 show evidence of stronger
cointegration with the T-bill yield under both functional forms in the full sample. Second, our
subsample analysis in Table 6 suggests that the cointegration failure of simple-sum M2 in the
full sample can be explained by a structural change taking place in 1980. We find that under
Regulation D before 1980—when the Board of Governors of the Federal Reserve restricted interest
earnings on checkable accounts—both simple-sum M2 and Divisia M2 show a consistent connec-
tion with interest rates—both the T-bill yield as well as the user cost of M2. Third, the relationship
between simple-sum M2 and the T-bill yield largely breaks down in the post-1980 sample, while
simple-sum M3 rarely cointegrates with interest rates in subsamples straddling 1980, and never
cointegrates in the full sample. Fourth, simple-sum M2 cointegrates well with the user cost of M2
before 1980, but that relationship again largely breaks down after 1980. Finally, we show strong
evidence that Divisia M2 and Divisia M3 cointegrate with their respective user costs both in the
pre- and post-1980 samples.

7. The information content of broader Divisia aggregates in the post-GFC period

In addition to structural breaks in the information content in monetary aggregates, instability in
the functional form of money demand could also arise from structural change in agents’ opportu-
nity cost of holding money. We now consider alternative subsamples allowing for the possibility
that the ZLB that began in December 2008 could have introduced a structural break in money
demand via the interest rate. Therefore, we turn our attention to two other subsamples flanked by
the onset of the GFC and its aftermath. The last quarter of 2008 brought about two major events
in the history of monetary policy: the federal funds rate reached ZLB, and the Federal Reserve
initiated balance sheet policy as a new tool of monetary policy marked by what would become the
first round in a set of Quantitative Easing measures. Motivated by the period of uninformative
zero nominal interest rates that began in late 2008, Lucas and Nicolini (2015) and Anderson et al.
(2017) turn back to a quantity-theoretic approach to monetary policy analysis.

Given our results in the previous section that simple-sum aggregates essentially fail in the post-
1980 period, we eschew any further analysis of simple-sum aggregates for the volatile period
following the GFC. We replace Divisia M2 with Divisia M4, as the broadest measure of money
available for the U.S., which augments the assets reflected in M3 with non-bank-issued liquidity
assets, such as commercial paper and T-bills. Bae et al. (2006) suggest the nonlinear feature of
the double-log form is better suited than the semi-log form in accommodating the liquidity trap
that took place during the 2008-2015 period, and therefore it is a more appropriate approach for
estimating the elasticity of money demand. We take this point and we estimate the double-log
form when we look for cointegration between Divisia M3 and Divisia M4 and their respective
user costs. Mattson and Valcarcel (2016) show that, while the user costs of all Divisia aggregates
made available by the CFS experienced substantial compression in the aftermath of the GFC, they
remained well above the ZLB. On the other hand, the T-bill yield reached and remained at virtu-
ally zero for a substantial amount of time following GFC. Thus, we estimate the semi-log form of
a money demand specification when considering cointegration between Divisia M3 and Divisia
M4 and the T-bill yield.?

Table 8 shows estimates consistent with an appropriate characterization of money demand for
Divisia M3 and Divisia M4. The top panel shows cointegration tests for bivariate semi-log specifi-
cations between the T-bill yield and Divisia M3, or Divisia M4, for samples that straddle the third
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Table 8. Divisia M3 and M4 money demand relationships: pre- & post-GFC samples

Log money-output ratio: In(m{) = In(M{ /(PCE x Real personal income))

[
Specification: In(m{) = ag + o1 (t) — 2 (1)

rt = 3m T-bill yield 1967:Q1—2008:Q3 2008:Q4—2020:Q1

DM3 DM4 DM3 DM4

Johansen (1995) Specification:

(if). Restr. constant 1.03 0.510

[5.3] 53] [] L]
(/ii). Unrestr. constant 1.46 0.510

[5.3] [5.3] [] L]
(iv). Restr. Trend 0.685 0.416

[5.2] [5.2] L[] L]
(v). Unrestr. Trend 0.833 0.462

[5.3] [5.3] L[] []
Lags 7 7 2 2

Log money-output ratio: [n(m{) = In(M{ /(PCE x Real personal income))

Specification: In(m{) = 8o + 81(t) — 820n(r)

re = RUCS 1967:Q1—2008:Q3 2008:Q4—2020:Q1

DM3 DM4 DM3 DM4

Johansen (1995) Specification:

(if). Restr. constant 1.43 1.43 2.18 1.90
[6.6] [6.2] [4.1] [4.5]
(iif). Unrestr. constant 1.54 1.55 2.18 1.96
[6.7] [6.2] [4.1] [4.5]
(iv). Restr. Trend 2.56 1.18 3.07 8.84
[6.1] [5.6] [4.2] [4.5]
(v). Unrestr. Trend 6.69 1.58 3.54 8.82
[6.2] [5.7] [4.2] [4.5]
Lags 3 3 1 1

Note: The number of cointegrating equations (single in our bivariates) are tested at a 5% significance level
following Johansen (1995). We first conduct the maximum eigenvalue test or the trace test for the null of
no cointegrating relationship between each pair of variables shown in the table. The table shows estimates
of a; and §; for every bi-variate specification that fails to reject the null of no cointegration for each of
the (ii.—v.) specifications of the Johansen (1995) test, where «; and §; are the Johansen (1991) maximum
likelihood estimates of the coefficients of the first cointegrating vector, normalized so that the coefficient
on [n(m¢) equals one. Numbers in brackets underneath each estimate of @, and §, denote the t-statistic.
Any blank (missing value) in each element denotes no cointegration was found for that particular pair of
variables under that particular specification for the relevant sample. Real user costs (RUC{) are congruent
with a = 3, 4 levels of aggregation. Optimal lag lengths are chosen according to the Akaike (1974) criterion.

quarter of 2008. The top left column shows that for a pre-GFC sample, Divisia M3 cointegrates
with the T-bill yield under all (i.—v.) Johansen (1995) cointegrating criteria. The second column
reveals the same conclusion can be drawn for Divisia M4. Conversely, the next two columns in
the top panel of Table 8 shows the T-bill yield fails to cointegrate with Divisia M3 or Divisia M4
after the GFC period. The likely explanation is the protracted period of a virtual zero level for this
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rate following 2008. This would suggest the GFC destroys the information content the T-bill yield
carries for money demand determination. The bottom panel of Table 8 shows cointegration tests
for bivariate log-log specifications between Divisia M3 and the user cost of M3, as well as Divisia
M4 and its associated user cost. The leftmost column of the bottom panel shows that, for the pre-
GFC sample, all (ii.— v.) Johansen (1995) criteria show cointegration between Divisia M3 and its
user cost. All §, estimates are significant and carry the expected sign for a correct characterization
of money demand. The next column shows similar findings for Divisia M4 in the pre-GFC period.
Importantly, the next two columns show that both Divisia M3 and Divisia M4 continue to coin-
tegrate well under all Johansen (1995) criteria after the GFC. All §, estimates remain statistically
significant. Interestingly, the magnitude of the §, coefficients in the respective money demand
equations are somewhat higher in the post-GFC period. This underscores that the user costs of
Divisia M3 and Divisia M4 do not suffer from the information loss that seemed to ensnare the
T-bill yield after 2008.

8. Aninvestigation of the components of the Divisia aggregate

We now turn to a more granular investigation of the long-run money demand relationships
by examining the quantity of each monetary asset reflected in the Divisia aggregates and its
related user cost. This analysis should be particularly informative to ascertain whether newer
interest-bearing deposit products stemming from the financial deregulation following the passage
of DIDMCA in 1980 have made the estimation of the money demand function more difficult.
Importantly, since we look at the quantity of each disaggregated monetary asset, the results will
bind only to information on quantities and otherwise be silent on the issue of appropriate liquidity
weighting.

Not only does CFS provide the user cost for each of the four monetary (Divisia M1—Divisia
M4) aggregates (some of which we employ in our analysis above), but it also produces and
distributes the user costs of each component asset including: currency, demand deposits, other
checkable deposits, savings deposits, retail money markets, institutional money markets, STDs, LTDs,
repurchase agreements, commercial paper, and T-bills. In this section we are looking more granu-
larly at balances for each component, and therefore, we replace the user costs of M2, M3, and M4
Divisia aggregates with the user costs of these components in our regressions.

Table 9 shows estimates of the long-run cointegrating relationship between the quantity of each
type of monetary asset and its associated user cost, or the T-bill yield. We follow here the same
reasoning in the previous section, which led us to estimate the semi-log form of money demand
when considering the T-bill yield and the double-log form of money demand when considering
user costs. The top panel of Table 9 shows cointegration estimates and a money demand estimation
that follows equation (9) for the log of each asset (scaled by nominal income) and the T-bill yield.
The bottom panel of Table 9 shows cointegration estimates and a money demand estimation that
follows equation (10) for the log of each asset and the log of its respective user cost. For example,
the leftmost column in the top panel estimates a regression of the form of (9) between the log of
currency balances and the rate of the T-bill—whereas the leftmost column in the bottom panel
estimates a regression of the form of (10) between the log of currency balances and the log of the
user cost of currency.

The top panel shows that only currency balances cointegrate well with the T-bill yield under
all of the (ii.—v.) Johansen (1995) criteria. The next column in the top panel shows cointegration
between demand deposits and the T-bill yield is only found for the unrestricted constant (iii.)
in Johansen (1995). Results from the top panel of Table 9 show that some components do not
cointegrate with the T-bill yield (e.g. savings) or if they do, they show a statistically significant
estimate with an incorrect sign for . (e.g. STDs, LTDs, REPOs). Overall, the top panel of Table 9
shows generally weak evidence of cointegration between most monetary assets and the T-bill yield,

https://doi.org/10.1017/5S1365100524000427 Published online by Cambridge University Press


https://doi.org/10.1017/S1365100524000427

22 Z.Chen and V. J. Valcarcel

Table 9. Cointegrating money demand relationships for individual monetary assets

Log money-output ratio: [n(m{) = In(M{ /(PCE x Real personal income))—Specification: [n(m{) = ag + a1 (t) — 2 (r¢)

re =3 m T-bill yield Currency DD OCD Saving RetailMM STD LTD  InsMM Repo CP + T-bill

Johansen (1995) Specification:

(if). Restr. constant 0.097 . —0.923 . —0.073 . . 0.266 0.044 0.266
(69]  [] [-27] [] [-0.8] [] [] [2.7]  [1.0] [4.7]
(iii). Unrestr. constant 0.097 1.63 -—1.04 . —0.047 . . 0.291 0.063 0.258
[7.1]  [3.8] [-29] [] [—0.5] L[] [] [2.9]  [1.5] [4.7]
(iv). Restr. Trend 0.068 . —0.863 . —0.433 . . —21.7 -—-13 —0.550
[49] [] [-69] [] [-3.8] [] []  [-49] [-48 [-57]
(v). Unrestr. Trend 0.085 . —0.892 . —0.726 —0.361 —0.351 —4.81 —0.827 —0.566

[5.3] [] [-6.9] [] [-5.0] [-4.6] [—44] [-48 [-50] [-57]

Lags 14 20 7 14 14 14 17 17 17 17

Log money-output ratio: [n(m{) = In(M{ /(PCE x Real personal income))—Specification: In(m{) = 8¢ + 81(t) — 82(n(r)

re=RUCY{ Currency DD OCD Saving RetailMM STD LTD InsMM Repo CP+ T-bill

Johansen (1995) Specification:

(if). Restr. constant 0.357 148 0.046 1.47 0.218 10.9 . . 3.20
[13.5] [6.4] [0.0]  [5.4] [0.1] [4.9] [] L] [5.5] []
(iifi). Unrestr. constant 0.356 974 2.48 1.48 0.470 10.9 3.84 2.32 3.36 0.871
[13.5] [6.4] [2.4]  [5.4] [0.3] [4.9]  [34] [2.2] [5.6] [4.6]
(iv). Restr. Trend 0.333 3.52 . 2.10 4.00 —4.67 . . 20.2 3.10
[7.8] [6.9] [] [5.2] [1.4]  [=5.3] [] L[] [5.6] [4.7]
(v). Unrestr. Trend 0.352 3.78 . 2.30 . —5.20 2.50 . 25.5 3.20

[8.0] [r0] [] [5.2] [] [=5.3] [3.2] [] [5.6] [4.7]

Lags 6 4 2 3 10 5 5 16 2 4

Note: The top panel and bottom panels contain the semi-log and the log-log specifications, respectively. The number of cointegrating equations
(single in our bivariates) are tested at a 5% significance level following Johansen (1995). We first conduct the maximum eigenvalue test or the trace
test for the null of no cointegrating relationship between each pair of variables shown in the table. The table shows estimates of a; or §, for every
bi-variate specification that fails to reject the null of no cointegration for each of the (ii.—v.) specifications of the Johansen (1995) test, where «;
or &, are the Johansen (1991) maximum likelihood estimates of the coefficients of the first cointegrating vector, normalized so that the coefficient
on [n(m;) equals one. Numbers in brackets underneath each estimate of o, or §, denote the t-statistic. Any blank (missing value) in each element
denotes no cointegration was found for that particular pair of variables under that particular specification for the relevant sample. Optimal lag
lengths are chosen according to the Akaike (1974) criterion.

which suggests their relationship would fail to qualify as a feasible characterization of monetary
demand functions.

The bottom panel of Table 9 yields stark contrast to the evidence from the top panel. All (ii.—
v.) criteria of the Johansen (1995) test find strong evidence of cointegration between: currency,
demand deposits, savings, and Repos with their respective user costs—all with the correct sign. For
all other components, at least two criteria of the Johansen (1995) test find cointegrating relation-
ships with their respective user costs (except for institutional money markets, which cointegrate
with their own user cost under a single criteria). This table provides a total 40 estimates of §; for
all combinations of 10 pairs times four Johansen (1995) criteria. Notably, out of these 40 esti-
mates, 29 show the correct sign consistent with a negative user cost elasticity of money demand;
nine fail to find a cointegrating relationship; and only two find an inverted sign for §, (both trend
specifications for STDs).
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The more traditional monetary assets that existed well before 1980—such as currency, demand
deposits, and various time deposits—show strong cointegration with their respective user costs.
This robust evidence for user costs contrasts an apparent lack of a strong link most of these
traditional assets have with the T-bill yield. Less traditional assets such as: OCDs, retail, and insti-
tutional money market funds gained popularity as a result of financial innovations that ensued
after 1980. Our tests show that OCDs cointegrate with the T-bill yield but always with the incor-
rect sign for ay; and they cointegrate with their respective user costs with a correct sign for 8,
under criteria (ii.) and (iii.), but only one shows a significant estimate of §,. A similar picture
emerges for retail money market funds, which cointegrate with the T-bill yield with the wrong
sign for o,. While we find evidence of cointegration between retail money market funds and their
user cost for most specifications, none of them show a statistically significant estimate of ;.

Interestingly, under the constant criteria (ii.—iii.) of the Johansen (1995) test, institutional
money markets cointegrate both with their user cost, as well as the T-bill yield. Repurchase agree-
ments became popular vehicles of short-term debt in the aftermath of the GFC. We find strong
evidence of cointegration with their user cost under all specifications (see bottom panel of Table 9),
and generally weak evidence of a sensible relationship with the T-bill yield. Finally, we aggre-
gate instruments of private and public debt in the form of commercial paper and T-bill balances
and test the cointegration relationship with the average of their respective user costs and the T-
bill yield. We find these balances generally cointegrate with both interest rate measures, with the
expected sign for five of the eight Johansen (1995) criteria.

Results from our granular analysis provide evidence that the user costs of Divisia carry infor-
mation content that is material and meaningful for monetary assets in a way that seems to be
sorely lacking in the T-bill yield. This conclusion seems to buttress our findings of the superior
information content of user costs at the aggregate level, relative to the T-bill yield.

9. Concluding remarks

We find evidence consistent with many earlier works that the once-strong connection between
the opportunity cost of holding money and simple-sum money aggregates experienced a sub-
stantial breakdown after 1980 in the U.S. The substantial deregulation in financial markets that
resulted from DIDMCA in 1980 seemed to arrest the information content that was carried by
monetary aggregates. This information failure has been used in the field to essentially ignore
monetary aggregates since then and, by and large, rationalize taking money out of monetary
models in modern times—particularly, when dealing with monetary policy determination. Our
results demonstrate that the instability in money demand documented in the literature is inextri-
cably linked to the failure of simple-sum monetary aggregates to properly account for the price of
interest-earning bank deposits.

We find this lack of information from simple-sum aggregation extends to the GFC period and
beyond. Deregulation on interest-bearing checking accounts and other financial innovations in
retail banking since 1980, as well as the post-2007 GFC period—when a series of new Federal
Reserve balance sheet policies was implemented—all seem to have contributed to erasing the
signal from simple-sum money aggregates. We find money demand measured with simple-sum
aggregates is relatively stable only in the period preceding 1980. Conversely, we find Divisia money
indexes show stable interest elasticity of money demand under two functional forms of money
demand across multiple cointegrating criteria both before 1980—and more important—since
DIDMCA.

We also provide empirical evidence that the user cost of money provides better signal as a dual
price of money than the T-bill yield. As far as we know, ours is the first granular investigation of
money demand relationships by estimating cointegration between observable component assets
of the Divisia aggregates and their respective user costs in a historical context. We find robust
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evidence of the statistical advantages of directly connecting monetary assets and the user costs of
those assets. We find that both aggregate and granular information on the price duals of money
highlight that money demand is much more stable than what is suggested by attempting to con-
nect improperly weighted monetary aggregates with traditional nominal interest rates associated
with more segmented markets, such as the T-bill yield. The inescapable conclusion is that the
instability of money demand is a matter of measurement rather than a consequence of a structural
change in agents’ preference for monetary assets.
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Notes

1 The real user cost is essentially the spread between the real rate of return on pure capital investment and the asset’s interest
rate.

2 Valcarcel (2018) investigates the statistical relationships between user costs and the federal funds rate, rather than monetary
assets as we study in this paper.

3 As Cagan (1956) states: “There is a cost of holding cash balances with respect to each of the alternatives forms of holding
reserves, and in a wide sense, anything that can be exchanged for money is an alternative to holding reserves in the form of cash
balances. The cost of holding cash balances [. . .] is the difference between the money return on a cash balance and the money
return on an alternative that is equivalent in value to the cash balance. The money return on bonds includes interest [. . .]”

4 The Divisia quantity aggregates and their associated real user costs are constructed as index numbers and normalized by
CFS so that the Divisia aggregates equal 100 in 1967. In addition, we consider nominal flow variables in the denominator of
the aggregates as the scale variables. Both of these points suggest that the values in the vertical axes of Fig. 1 do not provide an
exact economic interpretation. For example, the bottom left chart in Fig. 1 shows the real user cost of Divisia M1 begins at a
value of 0.1 in 1967 and it peaks at 0.3 around 1980, suggesting the value of that index tripled between 1967 and 1980; which
cannot, however, be read as an interest of 10% in 1967 and 30% in 1980.

5 We include a constant in all our VECM specifications, which removes option (i.) outlined in Table 1.

6 We also considered Schwarz (1978) and the Hannan and Quinn (1979) criteria to inform lag selection.

7 The log of the T-bill yield is well defined throughout our sample. However during the ZLB period, virtual—but not exactly—
zero T-bill rates give rise to negative numbers when log transformed. Samples before 2008 as well as samples since 2015 show
our conclusions remain qualitatively robust across specifications. Thus the poor performance of the T-bill rate in our analysis
seems endemic throughout our historical sample and is not necessarily a consequence of the ZLB period.

8 We also employed the Chow (1960) test for a single structural break at known change point and find our choice of 1980
provides a break in both series.

9 Given the general lack of meaning in the log of a variable that remains close to zero for a meaningful portion of a sample.
This is buttressed by various results in previous sections of this paper.

References

Akaike, H. (1974) A new look at the statistical model identification. IEEE Transactions on Automatic Control 19(6), 716-723.

Anderson, R. G., M. Bordo and J. V. Duca. (2017) Money and velocity during financial crises: From the great depression to
the great recession. Journal of Economic Dynamics and Control 81, 32-49.

Andrews, D. W. K. and W. Ploberger. (1994) Optimal tests when a nuisance parameter is present only under the alternative.
Econometrica: Journal of the Econometric Society 62(6), 1383-1414.

Bae, Y., V. Kakkar and M. Ogaki. (2006) Money demand in Japan and nonlinear cointegration. Journal of Money, Credit and
Banking 38(6), 1659-1667.

Bai, J. (1997) Estimating multiple breaks one at a time. Econometric Theory 13(3), 315-352.

Bai, J. and P. Perron. (2003) Critical values for multiple structural change tests. The Econometrics Journal 6(1), 72-78.
DOI:10.1111/1368-423X.00102.

Ball, L. (2001) Another look at long-run money demand. Journal of Monetary Economics 47(1), 31-44.

Barnett, W. A. (1978) The user cost of money. Economics Letters 1(2), 145-149.

https://doi.org/10.1017/5S1365100524000427 Published online by Cambridge University Press


https://doi.org/10.1111/1368-423X.00102
https://doi.org/10.1017/S1365100524000427

Macroeconomic Dynamics 25

Barnett, W. A. (1980) Economic monetary aggregates an application of index number and aggregation theory. Journal of
Econometrics 14(1), 11-48.

Barnett, W. A, J. Liu, R. S. Mattson and J. van den Noort. (2013) The new CFS Divisia monetary aggregates: Design,
construction, and data sources. Open Economies Review 24(1), 101-124.

Barnett, W. A, T. Ghosh and M. H. Adil. (2022) Is money demand really unstable? Evidence from Divisia monetary
aggregates. Economic Analysis and Policy 74, 606-622.

Belongia, M. T. (1996) Measurement matters: Recent results from monetary economics reexamined. Journal of Political
Economy 104(5), 1065-1083.

Belongia, M. T. (2006) The neglected price dual of monetary quantity aggregates. In: Money, Measurement and Computation.
New York: Palgrave Macmillan.

Belongia, M. T. and P. N. Ireland. (2014) The Barnett critique after three decades: A New Keynesian analysis. Journal of
Econometrics 183(1), 5-21.

Belongia, M. T. and P. N. Ireland. (2016) Money and output: Friedman and Schwartz revisited. Journal of Money, Credit and
Banking 48(6), 1223-1266.

Belongia, M. T. and P. N. Ireland. (2018) Targeting constant money growth at the zero lower bound. International Journal of
Central Banking 14, 159-204.

Belongia, M. T. and P. N. Ireland. (2019) The demand for Divisia money: Theory and evidence. Journal of Macroeconomics
61, 103128.

Benati, L., R. E. Lucas, J. P. Nicolini and W. Weber. (2016). International Evidence on Long Run Money Demand. National
Bureau of Economic Research WP.

Bernanke, B. and A. S. Blinder. (1992) The federal funds rate and the transmission of monetary policy. American Economic
Review 82, 901-921.

Breuer, J. B. and A. F. Lippert. (1996) Breaks in money demand. Southern Economic Journal 63(2), 496-506.

Cagan, P. (1956) The monetary dynamics of hyperinflation. In: Studies in the Quantity Theory if Money

Choi, K. and C. Jung. (2009) Structural changes and the US money demand function. Applied Economics 41(10), 1251-1257.

Chow, G. C. (1960) Tests of equality between sets of coefficients in two linear regressions. Econometrica: Journal of the
Econometric Society 28(3), 591-605.

Christiano, L. J., M. Eichenbaum and C. L. Evans. (1999) Monetary policy shocks: What have we learned and to what end?
Handbook of Macroeconomics 1, 65-148.

Chrystal, K. A. and R. MacDonald. (1994) Empirical evidence on the recent behavior and usefulness of simple-sum and
weighted measures of the money stock. Review-Federal Reserve Bank of Saint Louis 76, 73.

Dickey, D. A. and W. A. Fuller. (1979) Distribution of the estimators for autoregressive time series with a unit root. Journal
of the American Statistical Association 74(366a), 427-431.

Elliott, G., T. J. Rothenberg and J. H. Stock. (1996) Efficient tests for an autoregressive unit root. Econometrica 64(4), 813-836.

Friedman, B. M. and K. N. Kuttner. (1992) Money, income, prices, and interest rates. The American Economic Review 82(3),
472-492.

Gregory, A. W. and B. E. Hansen. (1992) Residual-based tests for cointegration in models with regime shifts. Institute for
Economic Research, Queen’s University.

Hannan, E. J. and B. G. Quinn. (1979) The determination of the order of an autoregression. Journal of the Royal Statistical
Society: Series B (Methodological) 41(2), 190-195.

Hendrickson, J. R. (2014) Redundancy or mismeasurement? A reappraisal of money. Macroeconomic Dynamics 18(7),
1437-1465.

Hoffman, D. and R. H. Rasche. (1991) Long-run income and interest elasticities of money demand in the United States. The
Review of Economics and Statistics 73(4), 665-674.

Isakin, M. and A. Serletis. (2023). Divisia Monetary Aggregates with Unobserved Assets. Available at SSRN 4579531.

Jadidzadeh, A. and A. Serletis. (2019) The demand for assets and optimal monetary aggregation. Journal of Money, Credit and
Banking 51(4), 929-952.

Johansen, S. and K. Juselius. (1990) Maximum likelihood estimation and inference on cointegration—with applications to
the demand for money. Oxford Bulletin of Economics and Statistics 52(2), 169-210.

Johansen, S. (1991) Estimation and hypothesis testing of cointegration vectors in Gaussian vector autoregressive models.
Econometrica: Journal of the Econometric Society 59(6), 1551-1580.

Johansen, S. (1995) Identifying restrictions of linear equations with applications to simultaneous equations and cointegration.
Journal of Econometrics 69(1), 111-132.

Judson, R., B. Schlusche and V. Wong. (2014) Demand for M2 at the zero lower bound: The recent US experience.

Keating, J. W., L. J. Kelly, A. L. Smith and V. J. Valcarcel. (2019) A model of monetary policy shocks for financial crises and
normal conditions. Journal of Money, Credit and Banking 51(1), 227-259.

Leeper, E. M. and J. E. Roush. (2003) Putting “M” back in monetary policy. Journal of Money, Credit and Banking 35(6),
1217-1256.

Lucas, R. E. and J. P. Nicolini. (2015) On the stability of money demand. Journal of Monetary Economics 73, 48-65.

https://doi.org/10.1017/5S1365100524000427 Published online by Cambridge University Press


https://doi.org/10.1017/S1365100524000427

26 Z.Chen and V. J. Valcarcel

Mattson, R. S. and V. J. Valcarcel. (2016) Compression in monetary user costs in the aftermath of the financial crisis:
Implications for the Divisia M4 monetary aggregate. Applied Economics Letters 23(18), 1294-1300.

Meltzer, A. H. (1963) The demand for money: A cross-section study of business firms. The Quarterly Journal of Economics
77(3), 405-422.

Schwarz, G. (1978) Estimating the dimension of a model. The Annals of Statistics 6(2), 461-464.

Serletis, A. (1991) The demand for Divisia money in the United States: A dynamic flexible demand system. Journal of Money,
Credit and Banking 23(1), 35-52.

Serletis, A. and P. Gogas. (2014) Divisia monetary aggregates, the great ratios, and classical money demand functions. Journal
of Money, Credit and Banking 46(1), 229-241.

Stock, J. H. and M. W. Watson. (1993) A simple estimator of cointegrating vectors in higher order integrated systems.
Econometrica: Journal of the Econometric Society 61(4), 783-820.

Teles, P. and R. Zhou. (2005) A stable money demand: Looking for the right monetary aggregate. Journal of Payment Systems
Law 1, 281.

Valcarcel, V.J. (2018) Interest rate pass-through: Divisia user costs of monetary assets and the federal funds rate. International
Journal of Finance & Economics 23(2), 94-110.

Cite this article: Chen Z and Valcarcel V] (2024). “A granular investigation on the stability of money demand.”
Macroeconomic Dynamics 29(e40), 1-26. https://doi.org/10.1017/51365100524000427

https://doi.org/10.1017/5S1365100524000427 Published online by Cambridge University Press


https://doi.org/10.1017/S1365100524000427
https://doi.org/10.1017/S1365100524000427

	
	Introduction
	Background on Divisia monetary aggregates and the real user costs
	Methodology
	The persistence of Divisia aggregates and their price duals
	Cointegration analysis
	Structural breaks in long-run money demand
	Money demand as a function of the T-bill yield
	Money demand as a function of the user cost of Divisia money

	The information content of broader Divisia aggregates in the post-GFC period
	An investigation of the components of the Divisia aggregate
	Concluding remarks


